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Mainstream life course and developmental research focuses onntieat
careers of primarily youthful, male offenders. More recerillg, increased feminist
interest in gendered trajectories has shifted the reseamls fto the gendered
criminal careers of adults. Forgotten among this researahdiscussion about the
criminal careers and influencing risk factors of a highly bistapopulation,
emerging adults. In this study, | use a descriptive approactetermine if an
emerging adult onset offending group exists in a nationally, repie@s/e sample of
U.S. youth. Additionally, | explore the possibility of gendered offegdrajectories
and risk factors.
Emerging adulthood is characterized as a state of constant chadgeelf-
exploration. Yet, it is unknown whether this instability results imicral onset.
Additionally, it is unknown which emerging adult risk factors influetiee offending

of emerging adults. | use data from the National Youth Sumvegxplore these



issues. Group-based trajectory and between-wave comparison naoeelsed to
determine whether multiple, gendered and age-graded offending typolexjst
among this nationally representative sample of youth. Conventiaimiisal tools
and logistic regression models are used to identify influencielg factors.
Delinquency is measured using a ten-item variety scale.

| identify 10 gendered trajectories, five male and five female ,aan emerging
adult onset group made up of a very small number of individuals. Fondkepart,
the offending trajectories and the associated risk factors te#snaad females are
similar. However, two stable offending groups are found among thesrmaad a
group of low level risers are found among the female offendingpgr Gendered,
emerging adult risk factors are also identified. Serious-lemg male offenders are
influenced by employment variables. Serious, female offerateranfluenced by
their relationships with criminal associates. Emerging azhget offending appears
to be influenced by more proximate adolescent and emerging adettr@hksfactors.

Implications for criminal career research are discussed.
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CHAPTER 1: INTRODUCTION

When Britney Spears’s releasdthf not a girl, not yet a womanih 2001, it
is unlikely that she was thinking about criminology in general, @elife course
and developmental research. However, at age 20, Ms. Spears’'stoagd lyric
“I'm just trying to find the woman in matentified and summarized a developmental
stage rarely studied by criminologists, emerging adulthood

Emerging adulthood is characterized as a state of constargechad self-
exploration (Arnett 2000). For example, many emerging adults iexger with
various career, relationship, and education choices. Some of thesescmaly have
positive long term benefits, i.e. finding a life partner/spousejrobtpa lucrative and
rewarding career, etc., whereas other choices may be detrimedtidad to criminal
involvement. Because emerging adtysically have less exposure to direct parental
control and supervision as well as informal social controls liedtiby adult roles
such as marriage and careers, there may be fewer costs amdrdstto prevent the
transition into crime and deviance (Arnett 2000). Criminal canesearch
contradicts this assumption, suggesting that the opportunities introducet) duri
emerging adulthood inspire desistance (Hagan and McCarthy 1998; lmlb a
Sampson 2004; Sampson and Laub 1993). Ironically, few criminologists have
studied the criminal careers of emerging adults.

Traditionally, criminologists and their theories have focusecherfrequency
and prevalence of offending in the juvenile population (Blumstein, Coheh, &ud

Visher 1986; Gottfredson and Hirschi 1986). More recently, life coursk a



developmental researchers have concentrated on explaining how wwitividlual
change and between-individual differences account for variatioragyeé of onset,
length of criminal career, the desistance process, and leveferfsef seriousness
(Blumstein et al. 1986; Gottfredson and Hirschi 1990; Laub and Sampson 2003;
Moffitt 1993; Sampson and Laub 1993). In response to the increased dwaitebi
longitudinal data sets with adult samples, some researcherbégune to investigate
the possibility of an adult onset offender. Specifically, stutege concentrated on
learning more about life circumstances surrounding criminal ittrams.  In
particular, how similar or different are the life circuarstes surrounding early,
adolescent, and adult onset? How many typologies are there? rfatlgl, fdoes an
adult onset typology exist? For the most part, careers of wifémders have
dominated the investigation. This focus on males has left otherihggguestions. Is
crime gendered? And if so, which theory (or theories) best exihlase differences?
These same questions can be posed about emerging adults andrtheal careers.
Furthermore, given the uniqueness of this developmental stage sredhiin risk
factors that increase the likelihood of offending for some emgglults? Ardhese
risk factors gendered?

A majority of adult onset studies use first arrest or convicboméasure age
of onset. This method is particularly problematic. For instance, stuches show a
high prevalence of adult onset offenders in the offending populatice. aige of first
arrest or conviction does not necessarily equate to late onsedtafffense. Instead,
this method may better identify individuals with more successfalinal avoidance

techniques. This raises some relevant questions. Do these studasssfully



identify late onset offenders? How prevalent would this group &elfdreported first
offense was being measured?

Using self-report data, this dissertation takes a descriptpgoach to
examine the phenomenon of criminal onset and within-individual changeme cr
participation. Specifically, | investigate the prevalence aflye adolescent, and
emerging adult onset offenders, as well as within-individual chamgesfending
frequency during emerging adulthood in a self-reported population. Addigiona
investigations into the salient, and possibly gendered, risk factlatedeto age-

graded typologies and changes in offending frequency are conducted.

RESEARCH OVERVIEW

Criminal norms: Youthful criminals

For the most part, criminological theory has been concerned wpthieing
the offending careers of juveniles. The perplexities relatnthe prevalence and
frequency of juvenile offending have driven this research focus. nBtamice, though
early starters comprise a small percentage of the offending gimpul(6%), this
group appears to be responsible for a majority of the crimendibedl. In contrast,
adolescent onset offenders appear to commit fewer crimes, buotoseeprevalent
among the general and offending populations (See Moffitt 1993; Nagirlamil
1993; Nagin, Farrington, and Moffitt 1995; Patterson and Yoerger 1993) gbédii
priority has been the study of risk factors influencing each type of offender.

Risk factors influencing early and adolescent offending apme#etmore
proximate in nature. Individuals exposed to early childhood predispositsiss

such as pre- and peri-natal difficulties, maternal smoking duregnancy, parental



criminality, abuse and neglect, etc., are at greater rigady criminal onset (Laub

and Sampson 2003; Moffitt 1993; Sampson and Laub 1993). However, empirical
studies find a stronger correlation between adolescent onseadmbelscent peer
associations, and the strains, pressures, and frustrations teldkedtransition into
adulthood (See Moffitt 1993; Nagin and Land 1993; Nagin, Farrington, andtMoffi
1995; Patterson and Yoerger 1993).

For the most part, male and female youthful offenders appder influenced
by the same risk factors, irrespective of their crimingdotogy (Moffitt, Caspi,
Rutter, and Silva 2001). Unique to female offenders is the higher rdoaioen of
criminal participation occurring during adolescent years rathan during early
childhood. Though offending patterns of males and females ararsigmpirical
studies indicate mean-level differences, with males having feehilikelihood of
offending earlier in life than females and generally offending laigher rate (Moffitt
et al. 2001, Silverthorn and Frick 1999).

Gendered investigations suggest that delayed, and in some céesstan
increased, female offending is strongly correlated to romantale associations
(Haynie, Giordano, Manning and Longmore 2005; Moffitt et al. 2001). One
longitudinal study found that, after being exiled from same-agmessex peer
groups, adolescent females experiencing early pubertal manadyently associate
with delinquent, older males who introduce them to a criminal yilegMoffitt et al.
2001). Similarly, a second longitudinal study found a strong correl&siween
romantic associations and adolescent minor delinquency for both setesf the

influence of peer associations (Haynie et al. 2005). The magrofutie effect was



much stronger among females and adolescents in relationshipsetteaionger in
duration. Interestingly, peer relationships were found to have agstraifect on
male delinquency. Romantic relationships were not significantbta@lto serious
delinquency for either males or females (Haynie et al. 2005).

Alternatively, the romantic partner/adolescent onset relationshypimdacate
a selection effect whereby females specifically seleates that resemble who they
would like to be (Giordano et al. 2002; Haynie et al. 2005; Moffitalet2001).
Entrance into a relationship with a criminal male is a consdeusion to make the
criminal transition (Giordano, Cernovich, and Rudolph 2002; Haynie et al. 2005;
Moffitt et al. 2001). Finally, there is some evidence that deldgenale offending is
the result of an underlying trait which stays dormant until paldledrmonal changes
occur in adolescence (Silverthorn and Frick 1999), More empirst teed to be
conducted to better explain the correlates of delayed youthful éeongket as well as
male onset in general.
Criminal anomalies: emerging adult and adult offenders

Little is known about risk factors stimulating offending during egmey
adulthood. Research on adult offenders complicates matters asfritustresearch
classifies all sample participants over the age of 18 as “adgfigring possible
differences in the life circumstances and criminal careéremerging and older
adults. Findings from such empirical studies convolute that which isrkabaut this
unique group. Despite the lack of distinction, it can be assumeertiexging adult
offenders have survived their adolescent years and the corresponeasgs, as well

as had enough time to react to any early childhood predispositions, prorip



guestion: who are these criminal anomalies and why do they startrease their
offending so late in life? Studies focusing on older adult offengierade hints to
the answers of some of these questions.

An estimated 50.2% of the adult offending population is hypothesized to be
non-delinquent youths who developed into adult offenders (Blumstein et al. 1986:
88). The limited research surrounding adult onset offending indi¢htdsthe
criminal careers and life trajectories of this speciakemding population differ
significantly from that of youthful offenders. For example, onelgtof employed
adult offenders revealed that a majority at the time ofndifegy were married
homeowners with personal histories of steady employment andegeaducation
(Weisburd, Waring and Chayett. 2001). Similarly, a study using @&nR data
(Shannon 1994) found continual employment actuigtyeasedthe probability of
adult onset among males (Eggleston and Laub 2002).

The criminal careers of adult women also contradict informatadmegl from
mainstream criminal career research about youthful offendeta.dbawvn from self-
reports and official records suggest that a large number of dsneaperience adult
onset offending (Block, Blokland, Nieuwbeerta, van der werff 2007; Daly 1994;
Farrington and Painter 2004; Kratzer and Hodgins 1999). For example, 5é% of
women interviewed while detained in the Baltimore Detention Cesaiéreported
commencing criminal activity after their eighteenth birthd&impson et al. 2008).
Similar patterns have been found among other sample populations including: a
sample of women and men convicted in New Haven Felony Court (Daly,1994)

longitudinal studies of males and females in both Sweden (KratzrHodgins



1999) and the Netherlands (Block et al. 2007), and official prison dataB&sk et
al. 1993 and Greenfeld and Snell 1999).

The profiles of the studied women revealed that their ifimstances were
similar to offenders found in Weisburd et al.’s (2001) and EgglestonLanld’s
(2002) studies. More specifically, in addition to having a later agegsét and more
stable conventional lifestyles and histories than those with juvendet, this subset
of offenders had accumulated higher levels of social capital, fiedlgi marital
social capital (Simpson et al. 2008). In contrast to those witleeades of onset, the
backgrounds of individuals in all three samples would not suggest aribiglof
criminal conduct.

Adult risk factors and issues with traditional criminological explanations

Empirical tests of informal social control have revealed that Istéible,
quality employment and quality marriages decrease the preealgihadult male
offending and encourages crime desistance. Both employment andgaact as
protective factors by: (1) reducing or eliminating opportunitiescéonmitting street
crimes; (2) providing informal social control in the form of soamabital; (3)
increasing one’s exposure to direct social control; and (4) edtadgia sense of self-
worth (Horney, Osgood, and Marshall 1995; Laub and Sampson 2003; Sampson and
Laub 1993; Shover 1996; Uggen 2000). Adults choosing to continue in a life of crime
run the risk of damaging current and, with regards to employmentyefut
relationships and opportunities, and devaluing/undermining current achievements
(Horney et al. 1995; Laub and Sampson 2003; Sampson and Laub 1993; Shover

1996; Uggen 2000).



Findings about adult onset challenge the idea that social cgaitedd from
quality employment and marriage insulates conforming adults ¢érominal behavior
in adulthood (Laub and Sampson 2003; Sampson and Laub 1993). Weisburd, et al.
(2001) justify the inconsistency found among their employed samplgillyng the
traditional strain approach, i.e. financial stress leads tomainoiffending. While this
is one explanation, it may not be the only explanation. The questr@ing, why do
these individuals begin offending so late in life?

Much like the research on adolescent female offending, femiakipt a
differential association/social learning approach to explaimémelered phenomenon
of the marriage/crime relationship. Specifically, these angions center on the
influence bad males have on adult female offending. Prior to affgnhohost adult
females have little exposure to criminal associati@xept those linked to
criminogenic male partners through dating, cohabitation, and mear(Bettiway
1987; Ritchie 1996; Slocum, Simpson and Smith 2005; Steffensmeier and Allan
1996). For instance, pre-sentence interviews of women processkd hgw Haven
felony court suggest that criminal techniques, specifically thessted to drug
crimes, are learned from male associates (Daly 1994).r&mifts from another
sample of females indicate that many women view their deliriquates as a means
to transition into a self-desired lifestyle with a self-dediidentity. The males
provide the skills and associations needed to make that change (Giordhrz0ep).
While this may explane the criminal onset of some women, yt mo& explain the
criminal onset of all women. Again the question, “why do theskviduals begin

offending so late in life,” is left unanswered.



Challenging researchers’ ability to explain risk factorsretated with
emerging adult offending is the use of arrest or conviction data.bbdy of research
indicates that this group has an average age of onset rangingih&@Wand 30 years
of age, the age classified as emerging adulthood (See BlocklaBlp and
Nieuwbeerta, van der Werff 2007; Simpson et al. 2008; Weisburd et al. 2001).
However, these adult onset offenders could have started offending tprithre
documented offense, but avoided police detection. Assumptions of developmental
theory suggest this may be the case.

According to developmental theorists, the majority of the gemenablation
suffers from adolescent strains, which result in teenage rebethgtying that the
majority of individuals in the general population are adolescent ongstdefs
(Moffitt 1993; Moffitt et al. 2001). Findings from empirical workemparing self-
report and arrest data of the same sample population support this netesding a
crime displacement effect. Specifically, youthful offenders imeeeor decrease their
offending frequency and level of offense seriousness during ergesglulthood
(Massagolia 2006; Nagin, Farrington, and Moffitt 1995). Those incrgattieir
offense frequency and seriousness are also more likely to iadtesslikelihood of
police detection. If never arrested, these individuals would beifddsas new
offenders even though they are not.

While further research is needed to determine if an emerajidf onset
offender exists, it is apparent that emerging adults aredumted to certain risk
factors that influence their individual offending patterns. Whag¢rgmg adulthood

risk factors are more likely to encourage the criminal ttexmsior perhaps increase



offending for some individuals? Do these risk factors vary from thiiseting early

and adolescent offenders? Are these risk factors gendered?

THE CURRENT STUDY

This research uses data from the National Youth Survey (E18317; Elliott
1978; Elliott 1986; Elliott 1988; Elliott 1989; Elliott 1992; Elliott 1995) ttudy
which risk factors act as catalysts for various offending typetoip a self-reported,
nationally representative sample of youth. In particular, | usd-garametric and
between-wave comparison models to determine which offending typqldges
early, adolescent, or emerging adult offenders, exist in aegmfted population.
Next, | determine whether these patterns are similar fan bwles and females.
Finally, 1 explore whether similar risk factors are related male and female
offending among emerging adults.

In chapter 2, | review criminal career research and retedfeaninist literature
relating to differences in offending among the sexes and various offendoigdies.
Additionally, | summarize previous research using the semi-parantedjectory
model. The basis for this descriptive approach is derived fromitigriature. Chapter
3 details the data and statistical methods used in the dissertdiirst, a description
of the NYS dataset and its limitations are provided including sactpracteristics,
data structure, and variables used in my analysis. Finallge Ithe anticipated
strategy to explore the life trajectories of this group ofrufeas. Chapter 4 presents

results of the analysis and Chapter 5 contains a discussion of the results.
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CHAPTER 2: REVIEW OF THE LITERATURE

Using a descriptive approach, this dissertation explores the natimi
typologies and possibly gendered risk factors influencing a emes/e sample of
emerging adults in the United States. In this next section]l Idvaw from the
criminal career literature and feminist work on gendered cpaterns to develop the

saliency of this dissertation.

INTRODUCTION

The popularity of criminal career research exploded in the 1980s \Wken t
age-crime curve debate challenged a stagnated criminolaiiscabline (Blumstein
et al. 1986). Traditionally, criminologists interpreted the ageerstribution as a
representation of the criminal participation of the aggregate evitne appearing to
be a more prevalent behavior during adolescence (Gottfredson asuhiHi®86).
Opponents disagreed claiming that, when disaggregated, age-crime @wsaled
variation in the frequency of criminal participation amongst irmtligls, suggesting
distinct types of young offenders (Blumstein et al. 1986; Farrington 19863
interpretation gave rise to criminal career research and #wehséor the career
criminal.

Over the past two decades, much knowledge has been gained about criminal
careers and the transition into crime. However, the surge inl&dges has been
accompanied by several more puzzles. Of particular interdgivwsmany offender
subgroups comprise the offending population. Some theorists suggeshehat

offending population is homogeneous with one causal process and onerisét of
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factors influencing criminal onset, continuation, and desistancedftanding for all
individuals (Gottfredson and Hirschi 1990).

In contrast, early developmental/typological studies entett@ipaossibility of
a heterogeneous criminal population with different offending group®wiig
different offending trajectories (See Massagolia 2006; Mdff803; Nagin and Land
1993; Nagin, Farrington, and Moffitt 1995; Patterson and Yoerger 1993). The specific
number of offending patterns that exist among the offending populatmurrisntly
unknown, as is the precise pattern of their offending trajectoriessurey of
trajectory research revealed that, depending on the number of olzsepaitits and
individuals included in sample populations, anywhere between two andeixiiog
groups may exist (Piquero 2008). Constant in this research igdhgfication of
three specific offending groups: chronic early starters, the dessus (low rate)
adolescent onset offenders, and one small (depending on the saropfe)fnon-
offenders (Piquero 2008).

Chronic early starters demonstrate antisocial and delinquent belavan
early age. Predispositions during childhood, i.e. abuse, neglect, maieraking
during pregnancy, delinquent siblings, etc., combined with an ill-accepting
environment at later ages, i.e. disapproving peers, teachers, erapktge amplify
the effects of these disadvantages, cutting off future pr@lsopportunities (Moffitt
1993; Sampson and Laub 1993). The criminal behavior of these individualsesrea
in seriousness and frequency, until the offenders naturally age-oumef @iquero
2008). Comparatively, adolescent onset offenders do not begin offendinthemtil

teenage years. Commencement of adolescent onset has been fountbte bghly
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correlated with increased delinquent peer association and detreasental
supervision (Haynie et al. 2005; Moffitt et al. 2001; Warr 2002). Bhaip of
offenders is less likely to suffer from early childhood predisprst and the
cumulative effects of a harsh or unaccepting environment (Piquero 2008).
Consequently, the criminal careers of adolescent onset offendesbater and less
serious.

More recently, when using a semi-parametric model to identiignding
trajectories, researchers have observed a third group of offerdess,onset
offenders. Commencing their criminal careers at a latettzan their adolescent and
early starting counterparts, this group of offenders demonstrateady, but
increasingly serious, criminal participation into their thirt{@quero 2008). The
criminal behavior of this group is unrelated to early childhood or adoiescsk
factors. Instead, individual characteristics such as exposuret&inceeighborhood
environments influence the commencement of a late onset crimirear g&€hung,
Hill, Hawkins, and Gilchrist 2002). A similar group of offenders haen identified
in studies using conviction or arrest data (Eggleston and Laub 2002), &emdale
specific studies (Daly 1994; Ritchie 1996; Simpson et al. 2008), butalitbty of
these findings is questionable.

Empirical work comparing self-reported offending and arrest data f
individuals within the same sample suggests that the phenomenon tobregktl is a
mirage (Massagolia 2006; Nagin, Farrington, and Moffitt 1995). Stistiggest that
the “adult onset offenders” are actually younger offenders mxumeng the

phenomenon of crime displacement upon entrance into early adulthood. Through
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crime displacement, within-individual changes in frequency @nofing and level of
offense seriousness occur (Massagolia 2006; Nagin, Farrington, affitt [4995).
While the frequency and level of offense seriousness of most youfiériders
decreases upon entrance into early adulthood, others experienceeasana both
(Massagolia 2006; Nagin, Farrington, and Moffitt 1995). For thedieiduals, the
likelihood of law enforcement detection and arrest increasesieviér arrested for
prior offending, these individuals would appear to be suffering from awshdét,
when in fact they are not. In a nutshell, what is late nviag or onsetting is
detection (arrest) and not offending.

Despite the unsolved puzzles posed by recent criminal carsearch,
scholars debate the saliency of studying between-individual efiifes in offending
(Gottfredson and Hirschi 1986; Laub and Sampson 2003). For example, after
reviewing results from one follow-up study of delinquent maleagat 70, it was
concluded that studying multiple offending patterns, while fruitfuldigyanizational
purposes, should be interpreted cautiously as offending groups may not be as
distinguishable as previously hypothesized (Laub and Sampson 2003). réhdte
indicated that while offenders could be categorized into one of fpotdgies at age
32, at age 70 no significant differences existed between offenders (Laubnapsb8a
2003). Because this is the only longitudinal study following malenadiérs into the
late ages of adulthood, it is unknown whether this is a cohort effextegd effect,
etc. More research needs to be conducted before accepting thisismonc
Specifically, more research is needed to determine if afeget trajectory exists in a

representative U.S. sample, whether female trajectoriesfrary male trajectories,
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and what risk factors influence different offending patterns for bo#tes and
females. Using a semi-parametric trajectory model, dtgsertation will help clarify

some of these issues.

MALES AS THE NORM

Historically, criminologists have focused on explaining the criiiesavior
of males. This is not surprising given that the field of anmogy itself has been a
male-dominated arena and the offending population is disproportionatefyriseth
of male offenders (Belknap 2001; Chesney-Lind and Faith 2001; Krutts/oi&;
Simpson and Herz 1999). Consequently, criminological theories wereodedelith
males in mind and later generalized to the female offen@mpson and Hertz
1999). The feminist work of the 1970s shifted this male-centered miwitbetnore
recent works investigating gendered pathways into crime (Daly 199s8n et al.
2008; Steffensmeier and Allan 1996). This theoretical transitionibateéd not only
to knowledge gained about female offenders, but also knowledge gained about
another less studied offender population, conforming youths who latettibansto

crime as adults.

PREVALENCE AND SERIOUSNESS OF ADULT OFFENDING

Official arrest, conviction, and court data suggest a high presalef adult
onset offenders amongst the offending population. For example, arsianaflythe
pre-sentence interviews (PSI) of forty adult women and forty adeit convicted in
New Haven felony court revealed that more than one thirdropleal women, and

one fourth of sampled males, reported that their first arrestals their current
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arrest (Daly 1994). Similarly, a review of conviction records ehrand women born
in Stockholm between 1953 and 1963 demonstrated that 78% of female affender
and 55.2% of male offenders, were adult starters (Kratzer and Hodgins 1999: 68).

Though a somewhat problematic proxy for measuring onset, official
correction data corroborate the above results. State Court $trocestatistics
indicate that 46% of the female prison population and 39% of the miglenpr
population had been convicted for their first offense during adulthood (Gléerfd
Snell 1999: 9). Additionally, 28% of adult women and 19% of adult males
participating in the 1991 Survey of Inmates in State Correctioaelliftes were
serving their first sentence (Beck et al. 1993: 12).

The prevalence of adult onset offenders as measured witrepelts is a bit
more difficult to gauge. For example, the high prevalence (54%gdoft onset
offenders included in Simpson et al.’s (2008) Baltimore sample ipa@hle to the
findings in official data. However, of the 225 males and femancluded in a
longitudinal study in London, 6% had been registered with an official diomwvic
during adulthood. Yet, all of these “late onset offenders” self-rephatdeast one
delinquent act committed in early childhood or adolescence, questionirigewiaa
adult onset offender really exists (Elander, Rutter, Simonoff, and Pickles 2000).

Explanations for the variation in the prevalence of adult onset offendey.
First, some researchers suggest that the usage of officest and conviction data
distorts the results (Elander et al. 2000; Moffitt et al. 2001). &hesords fail to
acknowledge early offenders that successfully evaded law enfert action, some

of which end up experiencing crime displacement (Massogolia 2006jher O
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researchers hint that using self-reports from already codvidfenders or offenders
awaiting trial or sentencing may be biased in favor of the offerfélar instance,
offenders may fail to tell the truth about past behavior fearimgllitoe used against
them at trial (Simpson et al. 2008).

It is important to determine who these offenders are as theyarappde
responsible for a significant portion of adult crime. For instancealie adult starters
included in the Swedish study were responsible for 45% of allléeperpetrated
crimes and 41% of female-perpetrated violent crimes (KratzérHodgins 1999:
68). Comparatively, the percentage of overall female perpetcataes and female
perpetrated violent crimes credited to early and adolescerdrstaras significantly
less. Early starters committed 33% of all female crime 30% of female violent
crime (Kratzer and Hodgins 1999: 68). Adolescent starters wepomsible for 22%
of all female perpetrated crimes, and 29% of female peatpetrviolent crimes
(Kratzer and Hodgins 1999: 68).

The frequency of offending for adult onset males appears to be toavethat
of female adult onset offenders, yet comparable to the frequerajotdscent male
starters. Adult onset males were responsible for 13% of a# petpetrated crime
and 17% of male perpetrated violent crimes (Kratzer and Hodgins B2983).
Adolescent starters were credited with 17% of all offenses and df284 violent
offenses (Kratzer and Hodgins 1999: 62-63). Early starters contfibutee majority
of all male crime (70% of all male offenses, and 71% of allewibtrimes) (Kratzer

and Hodgins 1999: 62-63).
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This group’s high prevalence and frequency of offending magnify the need for
a better understanding of the criminal careers of these indisidBpkcifically, are
these individuals true adult onset offenders, or are they youthfuhdsffe that
transition into more serious offending patterns? The lack ofical career research

focusing on late offenders makes it difficult to answer these questions.

CRIMINAL CAREER RESEARCH

Criminal career research entails studying the “longitudiegluence of crimes
committed by an individual offender” (Blumstein et al. 1986: 12). Thoisditudinal
sequence” includes the onset of offending, first offense, point oftalests last
offense, and the duration of time in between (Blumstein et al. 198&iations in
age of onset and age of desistance are hypothesized to elictitgiie seriousness
and frequency of offending (Moffitt 1993).

Subsets of criminal career research and criminal onset

Two major subsets of criminal career research include thecdiurse and
developmental perspectives. Each subset provides explanations for dbserve
heterogeneity in offending patterns found across the offending papylas well as
changes in individual behavior over time.

Developmental theorists suggest that variations in criminal peation,
frequency and seriousness result from early ontogenetic difeesene. birth defects,
abuse, etc., that stunt later development (Dannefer 1984). Earbywédifeés occurring
after a certain developmental stage or age are not consicdigehiial on future

behavior (Dannefer 1984). This static approach provides explanationstf only
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within-individual differences, but also distinctions in the age of pnsagth of
criminal career, and even offense seriousness between offenders.

Life course theorists do not refute the existence of between-iudivi
differences. However, between-individual differences are crbthtenore proximate
sociogenic factors, i.e. exposure to delinquent peers, weak pabemds, etc.,
suggesting the possibility for within-individual change (Dannef®84). This
dynamic approach allows human agency, the intersection of human lives,
geographical and historical location, and maturational timing tauenfle the
continuity and change of individual behavior (Giele and Elder 1998). eqaestly,
the primary concern of life course theories is to describe hamsitrons, i.e. life
events, shape and define life trajectories and how certain toaissitie. marriage and

employment, influence criminal desistance for younger offenders.

RISK FACTORS INFLUENCING JUVENILE OFFENDING

Life course and developmental research suggests that early aedcadol
offenders are influenced by early childhood and adolescent riskdaotspectively.
For example, empirical tests of Moffitt's (1993) dual taxonohgoty and Sampson
and Laub’s (1993) age-graded theory of informal social control have tbhahéarly
starters suffer from sociological and/or biological predispositidres psycho-
neurological limitations, ineffective parenting, disruptive/abusive Huelds, and so
forth. The cumulative effects of such predispositions isolate stalyers from the
conforming segment of society, promote truancy and school drop-outnemease
the likelihood of delinquency prior to adolescence. These disadvantsiganize

future opportunities and maximize the duration and seriousness ofrthieatrcareer
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(See also Hagan and McCarthy 1998; Laub and Sampson 2003; Nagin and Land
1993; Nagin, Farrington and Moffitt 1995; Patterson and Yoerger 1993).

Much research supports this hypothesis. For instance, results from
longitudinal analyses of data gathered from 1,265 males and femelieded in the
Christchurch Health and Development study (Fergussion, Horwood, and Nagin
2000), 500 delinquent males included in the Glueck sample (Laub and Sampson
2003; Sampson and Laub 1993), and a number of analyses of the Dunedin data
(Moffitt 1993; Moffitt et al. 2001; Moffitt et al. 1995) suggest tlwdtending groups
can be distinguished by early childhood disadvantages such as matkrcatica,
parental drug use and marital conflict, and early conduct and atteptoblems.
Further research indicates that, as adults, early onset offenders, edrapiate onset
offenders, are more likely to have unstable, low skilled jobs and mobelént
romantic relationships. Consequently, early onset offenders arelikadyeto be of
lower socioeconomic status, live in deteriorated housing, and hiéing,fas well as
violent, relationships (Nagin et al. 1995).

Unique to developmental theories is the hypothesis that an aftldescent
onset, criminal typology exists (Moffitt 1993). According to tlsswanptions of the
dual taxonomy theory (Moffitt 1993), adolescent onset offending istdacarof the
adolescent search for autonomy, respect, and responsibility acquiestulthood
(Moffitt 1993; Moffitt et al. 2001). Upon reaching adult status, adelesonset
offenders desist as the adolescent strains dissipate (Sé# MA83; Nagin and Land

1993; Nagin et al. 1995; Patterson and Yoerger 1993).
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Research suggests that peers are a significant force pngmedolescent
delinquency. During this turbulent developmental period, peers affeense of
belonging, status, identity and anonymity (Warr 2002). While triandisassociate
themselves from the direct control of their parents, adolescesksose friends and
relationships which they identify with, would like to develop into, oengsle their
own sense of self (Haynie et al. 2005). Criminal participation astqreprs during
this time has been hypothesized to be an example of adolescenmexypation, a
means for retaining friends, or a chance to transition into a desiredlé&f@ddaynie et

al. 2005).

RISK FACTORS INFLUENCING ADULT OFFENDING

For the most part, it is unclear whether adult offending tisradened by early
childhood and adolescent risk factors or more proximate adult ris&rgacthis
confusion can be contributed to the lack of clarity regarding tgsrof onset. For
example, analyses of the criminal histories of male offendeckided in the
Cambridge Study in Delinquent Development indicated that an estinZ&8 of
male offenders sampled had a mean onset age of 26 years orFadergton and
Painter 2004). Their female siblings also had a mean age of on&& ydéars
(Farrington and Painter 2004). Similarly, the average age of dosariminal
mothers was 32.51 years (Farrington, Lambert, and West 1998). firftisgs are
consistent with other research that estimates the averagd ageet for this group
ranges between 20 to 30 years of age (See Beck et al. 19931994, Kratzer and
Hodgins 1999; Farrington and Painter 2004; Greenfeld and Snell 1999; Sinhjadon e

2008).
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Other developmental research suggests that these individuals ateuenot
onset offenders, but instead adolescent offenders experiencing digpiecement.
For example, while most studies indicate that adolescent oneateft desist from
crime, results from a longitudinal analysis of 411 males fromokking-class area of
London suggest otherwise. As predicted, adolescent onset offenderfowedeo
transition into higher skilled, more stable jobs by age 32 (Ndgamington, and
Moffitt 1995). With regards to desistance, an analysis of affatata indicated that
this group was less likely to be arrested and convicted as adeltsel-reports
revealed a high rate of white-collar offending, drug usage, ssalli, contradicting
the hypothesis that adolescent onset offenders desist (Nagin et al. 1995).

Given the data surrounding youthful offenders, the criminal transfbon
emerging adults should be highly correlated with more proxinektdactors relating
to strains, transitions, and other social factors experienced by individciatsg into
emerging adulthood (Arnett 2000). Emerging adulthood is defined dsatistional
and explorative period between 20 and 30 years of age. For manyscéfee
partners/spouses, etc., have yet to be determined (Arnett 2000rdRese suggest
that the abundance of self-exploration and lack of informal and aioettol during
these volatile years ease the transition into crime and devighroett 2000).
However, there is contradictory evidence that factors influencimgiral onset
during this developmental stage do not vary from those influencing yoorté@ful
onset, supporting the notion that emerging adult onset does not exist.

A study using data from the Philadelphia portion of the National Collaborative

Peri-natal Project, Gomez-Smith and Piquero (2005) found that cogaibiligy,

22



mental retardation, disciplinary problems, family size, and maktesocio-economic
status, age of mother at birth, education, marital status, or hedr#tages predicted
both late and early onset (Gomez-Smith and Piquero 2005). Late spesfically,
appeared to be predetermined by maternal smoking during pregnancyanglyst
predicted by the child’s sex (Gomez-Smith and Piquero 2005). A settahdaf 225
individuals included in a longitudinal study of the development and parses of
antisocial behavior also revealed that early child riskofactmore specifically
juvenile antisocial behavior, was significant in predicting late to(Skander et al.
2000)! Further research suggests that criminal behavior in wonst ihe result
of associating with a male mate, but assortative matingaly&es of the Dunedin
data suggest that as adults, already antisocial girls $ettsentisocial male mates
(Moffitt et al. 2001). Assortative mating enhances the likelihood o$oaial
amplification effect whereby the antisocial tendencies ofetlveemen is reinforced
and amplified (Moffitt et al. 2001).

Criminologists determined to identify adult risk factors influaegcithe
criminal careers of this unique group have difficulty rectifythgir findings with
mainstream theoretical assumptions. For instance, Eggleston aht L(@2002)
exploration of the Racine sample and Weisburd et al.’s (2001) expiocdta white-
collar offending sample revealed that situational factors dwathdthood promoted
the sudden transition from a conforming to criminal life stylehilg/both juvenile

and adult offending was predicted by race, gender, socioeconomic wstatis

! Caution must be taken when interpreting thesdteeas the number of late onset offenders identifie
in this study was small (n=13), but proportionabtber studies (6%) (Elander et al. 2000).
Additionally, to be included in this study, one nimen of a twin set must have sought child psycluatri
services for emotional and/or behavioral disturlean&lander et al. 2000).
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Racine sample, family size, exposure to criminal peers andnoahtemployment
during adulthood were the most significant predictors of adult onsetgg&ggland
Laub 2002). Early childhood risk factors such as being raised iregagent
households, parental criminality, and juvenile delinquent associations wefeargni
for predicting only juvenile onset (Eggleston and Laub 2002). Proxicaates also
stimulated late onset in Weisburd et al.’s (2001) study. Therityajof these
offenders acted awisis responderscommencing their criminal behavior only after
experiencing a sudden change in financial status (Weisburd et al. 2001).

Feminist informed studies replicate findings from Eggleston badb’s
(2002) and Weisburd et al.’s (2001) studies. Pre-sentence interviewsugf
connected women, battered women, and other wadestified in the New Haven
sample (Daly 1994) and self-reports of the Baltimore sampiap&®n et al. 2008)
revealed that criminal participation was a direct result @batonal factors
experienced during adulthood. Battered womvene more likely to become involved
in serious violent crime, theft and forgery after associatiitly thieir violent partner
(Daly 1994; Simpson et al. 2008). Romantic partner association vggy hi
correlated with increased female perpetrated drug offendirady (D994). Other
women describe their criminal motivation as a desire for arediestyle not given
to them by their partners (Daly 1994; Simpson et al. 2008).

The backgrounds of these offenders contradict empirical testsfamial
social control. Seventeen percent (17%) of the adult onset offeindarded in the
Baltimore sample reported being married at the time of fivsir offense and on

average had stable employment for the majority of the year (bioPdhs) prior to
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their first offense (Simpson et al. 2008: 38). Thirty-two perc82e4) of adult
females included in the New Haven sample became involved in dergdofg after
starting a romantic relationship with their partner or spousey(8PB4: 294).
Similarly, 72% of adult offenders in the Racine Data (EgglestorLand 2002: 610)
and Weisburd et al.’s (2001) entire sample of white-collar offentacs steady
employment prior to their first offense.

Empirical tests of informal social control identify marrieayed employment
as the most significant turning points leading to desistance, not (bfeiey et al.
1995; Laub and Sampson 2003; Sampson and Laub 1993; Shover 1996; Uggen 2000;
Warr 1998;). Longitudinal studies suggest that the time and, spézifcarriage,
emotional commitment needed to promote stable relationships and ersptoym
detracts from time which would have otherwise been spent hangingithupeers,
perhaps the most salient factor influencing criminal partiopatiHorney et al. 1995;
Sampson and Laub 1993; Shover 1996; Warr 1998). Marriage and employment have
also been found to increase valuable social capital and self-wemtlted to make the
transition from a criminal to conforming lifestyle (Horney &t 1995; Laub and
Sampson 2003; Sampson and Laub 1993; Shover 1996; Uggen 2000).

Unable to explain these criminal anomalies, Eggleston and Laub (2@@2) u
further research on this special group of offenders, but also caution that theredbser
difference may be a statistical artifact:

...Among twenty separate regressions withueget to .05, it is a probabilistic

expectation that one model will result in a statistical figamt finding.

Therefore, there is the possibility that this significant fagdis simply one
that occurred by chance (p. 612).
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Many feminist researchers rely on the influence of thenioal male partner to
explain late onset among female offenders. For example, drugaednwomen in
the New Haven sample were introduced to crime via their matiegpar(Daly 1994).
Of 200 female drug users interviewed in Brooklyn, 38% commenced thHeivioe
with a male partner or spouse (Maher 1997:31). Battered women Bathmore
sample reported their initial involvement in theft and forgery azumomg in the
company of their violent partner (Simpson et al. 2608Jowever, while the “bad
male” may be one explanation, it may not be the only explanationaay adult
females also report turning to prostitution, violence, theft, chedefgy burglary,
and robbery as a means to support dependents and escape violent si(Dalypns

1994; Miller 1986; Ritchie 1996).

A SEMI-PARAMETRIC TRAJECTORY MODEL

Applying a semi-parametric trajectory model to a group oérging adults
can help to determine if an emerging onset offender exists andhhow trajectories
can be identified among a representative sample of U.S. youfter identifying
these groups, a descriptive analysis can be conducted to ditiezedistinguishing
risk factors influencing each group of offenders.

Described in more detail in Chapter 3, semi-parametric toajeechodeling
assumes that unobserved differences are discrete, allowingefadentification of
several different groups (Nagin et al. 1995; Piquero 2008). Model outa@amesry
depending on the number of observation points and sample participants included i

the study (Piquero 2008). Individuals are classified into spegibaps based on

2 This study was unable to determine if the offegdiesulted from involuntary coercion (Simpson et
al. 2008).
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their offending commonality with other individuals in the sample. €guently,
results should not be so strictly interpreted as to assume not@jeetory exists.
However, results should be used to get a better understanding asstmithaties
and differences found between offending groups (Piquero 2008).

Studies using the semi-parametric model find support for adgeieeous
offending population that is comprised of early, adolescent, emergirigamset, and
low rate chronic offenders (Piquero 2008). Classified as late @msktlow rate
chronic offenders, the age of onset for emerging onset offenaléssbetween the
ages ten and thirty years (Chung, Hill, Hawkins, and Gilchrist 2002n@gr, Land,
McCall and Nagin 1998). Unlike their early and adolescent countsrpdio are
beginning to desist, the criminal careers of late onset offenddaunched into full
swing around the age of twenty. This pattern of behavior remairgdystesl into
their thirties (Chung et al. 2002; D’Unger, Land, McCall and Nagin 1998itle
research has been conducted which contributes to knowledge about ialflusht
factors promoting this group’s criminal transition.

Semi-parametric trajectory models have also identified geddeadult
trajectories. Analysis of the Philadelphia Birth Cohort found exagddor five male
trajectories and three female trajectories (D’Unger, Lamtl McCall 2002). Most
noteworthy was the identification of two adolescent female @rseps: the low-rate
adolescent offenders and high-rate adolescent offenders. Low-dates@ent
offenders offend rather infrequently and desist in their late ¢ggepaars. High-rate
adolescent offenders offend more frequently and desist in thar tle¢nties

(D’'Unger, Land and McCall 2002). The latter group of offenders Mss prevalent

27



among the male sample, but is consistent with the offending pattamd among
female offender populations. Again, the primary purpose of the D’Uetgar (2002)
study was to identify how many trajectories existed, not toloe& risk factors
promoting these criminal careers.

This dissertation expands upon this research. Using Nagin and (2863%)
semi-parametric model, | analyze the National Youth Survey tordete: (1) the
number of typologies found among a representative sample of U.S; y@utif
emerging adult onset can be identified using self-reported {@@Yaif different
offending patterns have distinguished risk factors; and (4) whetherinal

trajectories and their associated risk factors are gendered.

28



CHAPTER 3: METHODOLOGY

The purpose of this dissertation is unique as it takes a désempiproach to
better understand different offending trajectories in a natypmapresentative U.S.
sample. Specifically, | investigate the number of offendeedtajies that can be
found in a representative U.S. sample of youth. Second, this feseelgs to
determine whether an emerging adult offending trajectory eardéntified using
self-report data, and which risk factors influence within-individeabnges in
offending frequency during emerging adulthood. Finally, an exptorainto the
possible existence of gendered trajectories and risk factarenducted. Though
other studies investigate these issues, very few have useesmif-data from a
representative U.S. sample. Results from this dissertatiorh&p to determine
whether results from previous studies using non-U.S. samples aralgeixe to the
U.S. population. Additionally, results from this dissertation will stssi determining
the validity of using conviction and arrest data to determine Kigteace and

prevalence of a late onset offending group.

DATA

This dissertation utilizes data taken from waves 1 through HeofNational
Youth Survey. The National Youth Survey (NYS) is a national probglsgimple of
households in the continental United States, based on a multistagerirmtusample
design (Elliott and Ageton 1980). These data were collected bethesears 1977

and 1987. During the first wave, 1,725 U.S. youth (918 males and 807efgmal
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between the ages of 11 and 17 were asked to self-report aboutith@akcbehavior,

peer criminal behavior, and life circumstances in the previous Yaents were also
interviewed about their child’s behavior during wave 1. The supplempatahtal

data includes questions regarding family size and structure, soomm®ic status,
parenting techniques, disruptive household events, and neighborhood characteristic
Annual follow-up interviews with the adolescent sample were conddcteduring
waves 2 through 5. Wave 6 and 7 interviews were conducted at tlarestgzvals.
During wave 7, the ages of the youthful respondents ranged between 21 yauts,

with the average age being 24 years.

Previous analyses of the National Youth Survey indicate thaimat of
sample selection, this sample was representative of the afjgmapulation with
regards to age, race, and sex (Elliot and Ageton 1978; Elliott artbAd.980). A
little over half (53%) of the sample are adolescent malesthendhajority (83%) of
the overall sample are white. Blacks account for 15% of the sa@plg.a small
percentage (2%) of sample individuals reports their race as (&lHiet et al. 1978).
Individuals are equally distributed among the different age groupsi8io-15% of
sample members classified into each group (Elliot and Ageton 1978).

There are several benefits for using the National Youth Surveyfdathis
investigation. First, this longitudinal dataset is comprised 6frgpbrted information
collected from a nationally representative sample of malefamdle youth from
early adolescence through emerging adulthood. Second, there ubstangial
variation in the types of delinquent behaviors investigated. Finabynpke

participants and their parents were asked about a multituderbf ehildhood,
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adolescent, and emerging adult risk factors. This wealth of infanmallows me to:
(1) identify the number of offending trajectories found in a U.S. sam(#)
determine if an emerging adult onset offending group can be igentiting self-
reported data; (3) determine if different offending patterns hastendi risk factors;

and (4) investigate whether criminal trajectories and their covaaategendered.

GROUP-BASED TRAJECTORY MODELING

This dissertation employs Nagin's (2005) semi-parametric miResson
model, a type of group-based trajectory modeling, to identifjedi@y groups.
Group-based trajectory modeling assumes that unobserved hatatpge discrete,
causing the mixing distribution to be viewed as a set of catedaréciables. Each
category represents a different group with its own shape. In d@kis, ¢the varying
groups or categories represent different offending groups (Piquero .2008)
Additionally, this method can easily identify factors correlateith group
membership and group variation (Nagin 2005).

Other methods used to identify offending heterogeneity arertinécal-linear
modeling and latent curve analysis. Comparatively, these model centinuous
distribution of trajectories to determine individual-level heterodggr{®agin 2005).

As a result, these two models assume that individual chasdicterare evenly
distributed throughout a given population. The ability to determine between-
individual differences can only occur when significant differencedaund between
the characteristics of an individual and those normally distributedngsh the

population. However, not all individual characteristics, such as cpantcipation,

31



are evenly distributed throughout the population. This forces group-basetingode
to be the preferred method for this study.

Group-based trajectory modeling (GBTM) is a statistical pro@sdvinich
allows the identification of distinct trajectories of some e\enthis case, criminal
behavior) over time. It is a specialized application of finitatore modeling. Ify;
represents the number of crimefor person at timet, where there are multiple time
points wherey is measured and each time point measures a person’s age, then the

GBTM estimates up to a cubic relationship betwgeand age:
Yi :ﬂoj "*':81l Age +ﬂ12 Agét +ﬁ13 Ag%ng"
Where Age, Agé, and Agé are individuali's age, age squared, and aged cubed at

time t, ¢ is a normally distributed error term, ang, 3/, 5. andp.are parameters

estimated from the data that determine the shape of the polyndnsi@harate set of
S parameters are estimated for eagnoup. Depending on the natureyaf the link
function is either a censored normal, binary logit, or Poisson distribution.

Because the purpose of this study is to identify differentcti@jies related to
the rate of offending at various ages, this model will adapt ss&toidistribution.
Poisson distributions are most common for modeling count data and the probability of
an event occurring because the function is specified in terms aatheal logarithm
of yi:

IN(Z)Bs + B! Age, + 5] AgE + B Agg;

Failing to use the natural logarithm could allow for the sadaatif coefficient values

to result in negative values @k or the negative probability of offending (Nagin
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2005). This would be counterintuitive as it is impossible to have atimega
probability of offending.

The Poisson model is a model suitable for count data-the numberesf aim
individual commits a crime or the number of different offenses atteun In the
Poisson model, the model estimates the probabilijycaicurring, whery is any non-
negative integer. The probability depends upon the mean rate wfringcor A,
which in a variety index is the expected number of differentinahoffenses per
year. In some applications, the Poisson distribution underestimatesirniiser of
zero events (no offenses), and this problem is likely to occur ioade at hand. An
adaptation of the Poisson count model is the zero-inflated Poisson (o) to
accommodate the problem of the underestimation of zero occurrences or no offenses.

The software used to estimate trajectory models can be foulRODEHRAJ,

a SAS plug-in developed by Jones, Nagin, and Roeder (2001) and madbla\ail
http://www.ncovr.org With this software, users specify the type of model estichat
(logit, censored normal, or Poisson), the number of groups to be estiraatethe
order of the polynomial for each group. The output produces the estinage
parameters, and the proportion of the total sample that belong in each groupcsraphi

are available which produce the shape of each estimated trajectory group.
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For each model the BIC (the Bayesian Information Criterion) iméte
statistics is provided where BIC is equal to:
BIC =log(L) - .5*log(n) * k
Where,
L = log likelihood
n = sample size
k = number of parameters estimated in the model
Model selection is based upon both best BIC and substantive concerns.
Individual BIC scores can be used to estimate a probabilityatbeven model

] is the “best” model under the assumption that the true model is in the model space:

BICj—BIC max

P = BIC— BICmax
Ze

J
Where,
p; = probability thaj is the best model
BIC; = BIC of model
BICmnax = BIC of model with the maximum BIC score
One can then determine, for example, if a model that has 2 grouma g4 groups
... k groups is the best fitting model, given that the true model is in the model space.
Once all individuals are categorized into specific groups, theiaeships

between group membership and risk factors can be examined with conakntion

statistical tools such as contingency tables.

34



LIMITATIONS OF THE SEMI-PARAMETRIC MIXED POISSON MODEL

Though the semi-parametric mixed poisson model is accepted armeng t
criminological community as the preferred statistical metlwoddentifying multiple
offending trajectories, the model does have its limitations.t, Arsdel outcomes can
vary depending on the number of observation points and sample partidizdunded
in the study (Piquero 2008). Individuals are classified into spegifiaps based on
their offending commonality with other individuals in the sample.tHemmore, the
mixed poisson semi-parametric model has difficulties identfygnoups comprised
of a small number of individuals. Consequently, results should not beicty st
interpreted as to assume no other trajectory exists. Howesaltsrehould be used
to get a better understanding as to the similarities and etifes found between

offending groups (Piquero 2008).

BETWEEN-WAVE COMPARISON ANALYSIS

If group-based modeling fails to identify an emerging adult ogs&tip, a
between-wave comparison model will be used to validate the resuhen
conducting the between-wave comparison model, offenders are coded tbey if
offended in the current wave, but not in an earlier wave. Thipeated with each
wave of data. The total number of individuals commencing a crimamakc at each
age in each wave is then recorded in a frequency distribution tdbépending on
age at time of first offense, respondents are classified dg, eaolescent, or
emerging adult onset offenders. Individuals reporting their fifgineé at age 11 or
12, regardless of wave, are classified as early onset offenttarg reporting first

offense between ages 13 and 20, regardless of wave, are defirablascent
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offenders. Any individual commencing a criminal career at ager20lder are
labeled as emerging adult offenders.

If an emerging adult onset offending group is detected usingntisod, a
binary variable,emerging adult will be created. A score of one will indicate
emerging adult onset offending. Using logistic regression motthesindependent
variables will be regressed @merging adulto determine what factors influence

emerging adult onset.

MEASURES OF OFFENDING

Juvenile offending is measured using a ten item variety .sd&laile
summation scales (raw counts or frequency measures) are fmefuleasuring
behaviors that are normally distributed among the general popylatiey are
particularly problematic in measuring offending. Among the gemenaililation, and
within most self-reported data, the normative response for whethediaidual has
committed any and most crimes will be no, or a score of zarging the data to be
skewed. The result is that more weight is placed on legsusebut more frequent
offending (Osgood, McMorris, and Potenza 2002). Composite measuresijety var
scales, allow for equal weight to be placed on all offenses,dlegarof seriousness.
Research has demonstrated that compared to frequency measurgmsite
measures are better at producing high scores that reflectidvgls of offending,
easing the ability to interpret results (Osgood et al. 2002). uBecthe purpose of
this dissertation is to differentiate between high level offesydew level offenders,

and non-offenders, this is the best method for measuring offending.
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The items included in my ten point variety scale include: statarastole
anything under $5, over $50, and between $5 and $50, bought stolen goods, carried a
weapon, attacked someone, took a vehicle without permission for jag,ridrced
another to have sex, and burglarized a building. For each offenspandent self-
reports, they are given as score of one. Scores can range fooh®0Differences in

scores reflect differences in level of offending.

MEASURES OF RISK FACTORS ASSOCIATED WITH CRIMINAL ONSET

Unlike delinquency which was measured using information from waves
through 7, covariates are measured from information collected fraraswlathrough
6. Data from wave 7 are omitted because these data are plaghdarge amounts
of missing data. Descriptive statistics for all independeniabiws for the whole
sample and for both sexes can be found in tables 4 through 6.
Measures of early risk factors

Studies consistently demonstrate that high exposure to earthabd risk
factors increases the likelihood of early criminal onset regssdbf sex (Fergussion
et al. 2000; Nagin et al. 1995; Moffitt 1993; Piquero 2008; Sampson and Laub 1993;
Simpson et al. 2008). Many of the questions pertaining to early childhood risk factors
were asked of the parents during wave 1. A select number ofribkegactors have
been chosen for further investigation into their influence on latendiiig. Some
parental questions asked at wave 1 were repeated at latén &gjésv-up interviews
with the adolescent respondents. When applicable, the youths’ respansedualed
in the analyses. Wave 1 data is used because these datahenbdginning of the

trajectory.
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Childhood abuse is a dichotomous measure with a score of 1 indicating tha
the parent respondent reported his/her overall means of disciplmasypeing non-
inductive, i.e. hit or threatened to hit the child while disciplining.igi@ally, the
overall disciplinescore was a composite, trichotomous measure based on parental
responses to the question “How do you react when (subject) doedhsapvetong?”
Scores of 1, 2, or 3 represented non-inductive (hit or threatened to hit), semi-inductive
(sometimes threatening to hit), and inductive (discussion of wrongfulvieeha
parenting methods, respectively. These scores have been recoded into one
dichotomous measure with scores of 1 indicating non-inductive or phpsicaiting
and scores of O indicating other less harsh parenting methods. irfSective
parenting was included in the abuse category since threatentngsilered a form
of verbal abuse. Less than half (43.5%) of parents interviewed regduottieng or
threatening to hit their children.

Public assistance is a dichotomous measure with a score ofcatingithat
the interviewed parent was the recipient of public assistante dime of the first
wave interview. This is a proxy measure for socioeconomic stafsthose that
responded, 18.4% (310 parents) reported receiving public assistance.

Growing up in a disadvantaged neighborhood is used as a proxy measure of
socioeconomic status. Neighborhood characteristics were origaskbd in a series
of seven trichotomous questions. These questions were computed inte avitical
scores ranging from 7 to 21. Higher scores indicate a more disadednt
neighborhood. Neighborhood characteristics measured include excessiveiswandal

winos and junkies, traffic, abandoned houses, burglaries and theftishenee of
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run down buildings, and muggings occurring in the neighborhood. This measure ha
good reliability with a Cronbach alpha of .747.

Parental criminality was not measured in wave 1. However, mesasidre
parental approval of adolescent criminality are included. These umesasre
combined into a scale and used as a proxy measure of pa@nftainuty. Parents
were asked to rate their level of approval for youthful involvemennamjuana and
alcohol usage, vandalism, hitting others, stealing something more thabusgary,
hard drug usage, and stealing something less than $5. Thesbatesriseen recoded
so that higher scores indicate higher levels of approval. Scamge from 8 to 32.
This scale is reliable with a Cronbach alpha of .869.

Exposure to negative parental labeling is also measured at wa®@uring
wave 1, the adolescent sample members were asked to what &eienparents
would agree they: were well liked, needed help, were a bad kid, oftere upset,
were a good citizen, got along well with others, were messed alg tre rules, had
personal problems, got into trouble, and did things against the law. Thetams
were recoded so that high scores indicate more negative paapptaisals. The
Cronbach alpha indicates good reliability at.710.

Measures of adolescent risk factors

Empirical research also supports the contention that exposure tocadbles
risk factors will most likely influence adolescent offending, bbuld not have a
direct effect on offending during emerging adulthood (Eggleston aud [2002;
Sampson and Laub 1993; Simpson et al. 2008). The following variables hawve bee

included to test this assumption. All adolescent risk factorscezated from
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information collected at wave 3. Wave 3 data are used betaese data were
collected in the middle of the trajectory. By wave 3, all resposdeatl reached
adolescence.

School is expected to have a significant impact on adolescent behavior
scale measuring negative school experience at wave 3 tectigsing the following
items: teachers don't call on me; nobody at school cares; | Helghg at school; |
feel lonely at school; teachers don’'t ask me to work on projectgyin@ity, these
items were ranked on a Likert scale. These items are reawtlechigh scores
indicating negative secondary school experiences. Reliabilitgodest, with the
Cronbach Alpha measured at .658.

Academic success in school is also measured. During wave 3, restfsonde
were asked to report their grade point averages in Likemt,foe. a score of 5 is
given for those reporting mostly A’s while a score of 1 is giteethose individuals
reporting mostly Fs. Higher scores indicate better success in school.

One of the most salient influences correlated with adolescéemdifg is
exposure to delinquent peers. During wave 3, respondents were ashkey viere
exposed to peers who: destroyed property, used marijuana, hit someonentorake
vehicle, sold hard drugs, and stole something more than $50. This eanabl
recoded in as the dichotomous variable delinquent peers. A score ofcatesdi
exposure to delinquent friends and a score of zero indicates no exmodali@quent
peers.

Perceived peer approval is also used as a proxy measurdifiguert peers.

During wave 3, respondents were asked the extent to which theywpdrteeir peers
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would approve or disapprove of them: stealing something worth moreb&taand
less than $5; selling hard drugs; using marijuana; hitting soepaming alcohol;
destroying property; and breaking into vehicles. These itemseanded with high
scores reflecting higher approval or a more delinquent peer grous nleasure
reflects high reliability (.885).

Strains of the maturity gap are measured using items of essméss.
Respondents were ask to rate how much they agreed that to avoié ttepmust:
Lie to teachers; Play dirty to win at school; Lie if it keépsnds out of trouble; Beat
kids up to gain respect of friends; Lie to parents to keep Busgk parents’ rules to
keep friends; and to be popular, must break rules. These itent thflanternal
conflict of adolescent youths who are contemplating criminal beh&viachieve a
desired goal such as being popular. All items are computed intale \sith high
scores indicating higher levels of normlessness. This scalesprove reliable with
Cronbach alpha scores of .821.

Measures of emerging adult risk factors

This dissertation investigates whether life changes exmetkein emerging
adulthood are significant predictors of emerging adult offending. NEt®nal Youth
Survey includes data on many of these life changes. This sedmrsses the items
included in this study.

Little research has investigated how joining the workforcectdf one’s
criminality during emerging adulthood. Over a third (38.43% or 668)pka
members reported transitioning from being unemployed to employe@detwave 5

and wave 6. The dichotomous variable gained employment was creatgdhis
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information. To have been categorized as gaining employment betwsae 5 and
wave 6, a sample member had to report not having a job at wave 5yingt biae at
wave 6.

Eggleston and Laub (2002) found that stable employment was predictive of
late onset offending using conviction data. Including this variable in thysasawill
help determine if the effect found by Eggleston and Laub (2002) wasordytifact
of the data. As a result, a second employment status variable staployment has
also been created. Stable employment is a dichotomous me&asuie score of 1
indicating if the individual reported having a job during both wave 5 and wave 6.

Simply gaining or maintaining employment may not be the only eynptat
factor influencing criminal behavior. Environmental factors relatea job may also
significantly impact a person’s desire to offend. Social isolation détemga at wave
5 are combined to produce a scale measuring negative work experi¢tecas
included in this scale are: workers don’t take interest; peel of things at work;
workers don’t ask me for help; feel lonely at work; and no one caiistems are
recoded so high scores indicate a more negative work experiéaebility for this
scale is good with a Cronbach alpha of .723.

Similar to delinquent peers during adolescence, delinquent co-workgrs ma
influence individual offending. During wave 6, data on co-workers’ pezde
approval of criminal behavior was gathered. These items includdirghea income
taxes; selling hard drugs; stealing something worth more thanh#fitig someone,;

destroying property; and breaking into a vehicle. These variables been
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combined into the criminal work environment scale. This scale ptovies reliable
with an alpha score of .892.

Significant changes in romantic relationships also occur durmgrging
adulthood. As detailed in the feminist literature, the marital ucganhave differing
effects for males and females (see Daly 1994; Moffitt e@01; Simpson et al.
2008). Expanding upon earlier works, the relationship between gettingedhand
criminal onset is analyzed. The majority of sample membarsyrbetween wave 5
and wave 6. Therefore, this is the only wave of data that iyzathl Respondents
reporting being single in wave 5 and married in wave 6 are scored with a 1.

Feminist literature consistently links the criminal male éméle offending
(See Daly 1994; Moffitt et al. 2001; Simpson et al. 2008). These datatdmmtain
information on partner criminality. However perceived partner/sgdoagproval of
criminal activity is measured at wave 6 and can be used asx§ preasure for
partner criminality. Items included in the criminal partreale are partner’s
perceived approval to: cheat on income taxes; sell hard drugssateathing worth
more than $50; hit someone; destroying property; and break into devehiligh
scores indicate a higher level of approval for criminal padioon. The reliability of
this measure is good (Cronbach alpha=.874).

Measures of parental and peer approvals for delinquent behavionslacded
for those individuals that may not be employed or have a significhet. dhcluding
these items will help to determine if parents and peers tdreas influential in
emerging adulthood as in early childhood and adolescence. Both scalemtas

collected at wave 6. Items included in these scales are @aasck peer perceived
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approval to: sell hard drugs; steal something worth more than $58pimieone;
destroy property; and break into a vehicle. As with the previcales higher scores
indicate more approval for criminal participation. Both scale® lgood reliability

(.873 for parental approval and .898 for peer approval).

SUMMARY

Over the last 30 years, empirical studies have revealed evitteatamultiple
offending trajectories exist among known offenders. Additionally, pagectory
analyses have uncovered a less studied offender, the late oeseteoff However,
results from studies using conviction and arrest data to deteageef onset differ
significantly from results of studies relying on self-reptata. In Chapter 4, | use
group-based and between-wave comparison models to investigatgrdup of
emerging adult onset offenders exists among a nationally ezpatise sample of
youth. Finally, | investigate which risk factors distinguisicletrajectory and if these

risk factors are gendered.
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CHAPTER 4: RESULTS

| begin my analysis by using group-based trajectory modétingvestigate
whether multiple, gendered, and emerging adult onset offending dragsctan be
identified among a nationally representative sample of U.S. youthen,Tusing
results from analysis of variance, Tukey HSD, and chi square modgdstify and
discuss which risk factors influence different offending trajéesorl conclude this
chapter by presenting results from between-wave comparisorogistid regression

models to determine the validity of the group-based trajectory modelkstesult

RESULTS OF THE GROUP- BASED TRAJECTORY MODEL

When applying the semi-parametric mixed Poisson model to thiendht
Youth Survey sample, multiple offending trajectories are idedtifoeg both males
and females. The BIC demonstrates that the best model for dath s the five
group model (Table 7). In addition to the BIC, several othendices indicate that
the five group model provides a good fit to the data. First, the astihprobability of
group membership matched well with the actual proportion of individssigned to
each group. Second, the odds of correct classification (OCC), whichlyagsesses
the precision with which people are assigned to groups, was aboweiggested
threshold level of 5 for all groups in the five group model (Nagin 20BB)jally, the
average posterior probabilities which measure the probability indigidwe assigned

to particular groups were above 85%. Nagin (2005) has suggested thaethgea
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posterior probabilities for each group in a good-fitting model should@d8 or
higher.

For the most part, males and females are found to have sinfidgrdioig
trajectories that include groups of conformists, serious, lomg-t&fenders, and
serious, early, desisters. Despite these similarities, gendere@wmiifsrare identified.
For example, among the male offending trajectories are twlestéoong-term,
offending groups. Among the female offending trajectories is a grolmpnofevel
risers. An emerging adult onset offending groups is not identified amongssthér
Male offending trajectories

A large, almost majority (43%) of the males are identifiedCasformists
(Figure 1) Results from the group-based models indicate that over the testyds
period, their offending trajectory hovered near z@ius is an indication that these
individuals participated in very little crime.

Over a third (35%) of the males can be describedStable Low Level
offenders. This group of offenders reported stable rates of afign@n average
members of this group committed one offense per year over the aerpgeod.
Despite the difference in offense level, the trajector$taible Low Levebffenders
mirrors the trajectory ofStable High Levebffenders. ComparativelyStable High
Leveloffenders offended at a higher rate. During the first w&wable High Level

offenders committed on average two offenses per year and conséinthext rate until

3 After estimating the models using the 10 itemeftgriscales, two other models were estimated using
an eight item variety scale, which measures thet s@sous offenses, and a twenty-five item variety
scale to determine if results varied. Both modaiked to reveal an emerging adult onset offending
group (not shown in figures). Additionally, resuffom these models indicated that the only gender
differences were in level of offending. Femalefendfled at lower levels than males.
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the end of the seventh wavBtable High Levemales comprise 15% of the male
sample.

Two groups of offenderd)eclining Medium Levebffendersand Declining
High Leveloffenders reported high levels of offending at wave Approximately
4% of all males make up th2eclining Medium Levedffending group. On average,
this group began offending at a rate of three offenses per yeser tkie ten year
period, this rate steadily declined until tbeclining Medium Levebffenders were
offending at a rate similar to th@onformistsat wave 7. Finally, a small percentage
(3%) of the males can be classified@eclining High Levebffenders. At wave 1,
this group reported the highest rate of offending (an average of 41iseff). This
rate rose to just over 5.5 annual offenses and then steadily dediapdroximately
two offenses per year by wave 7.
Female offending trajectories

Like the males, a five group model best describes the femadettags. Not
surprisingly, given the large gender differences in offending stamgly found in the
criminological literature, a small percentage (31.3%) ofdies reported any sort of
offending compared to their male counterparts (56.8%) (Figure 2)tidwialy, the
group of femaleConformistsis almost twice as large for the females as the males
with over two-thirds (68.7%) of females committing zero offenses twe seven
measurement periods. The level of offending for the remaining ésnvalried with
some female groups involved in significantly more crimes than sthdéowever,

females typically were involved in less crime than their male counterpart
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Two of the female trajectories closely resemble two ofntiade trajectories:
Declining High leveland High leveloffenders. FirstDeclining High Levefemale
offenders appear to be similar to tleeclining Medium Levelmales. Like the
Declining Medium Levelmales, only a small percentage of females (3.2%) are
identified asDeclining High Levebffenders. The rates of offending for these groups
were higher than most of their same-sex counterparts at WaBg wave 7, these
groups appear to have desisted from offending all together. Ddsgste dimilarities,

a closer examination reveals that, at wave 1Dbeining High Levefemales report

a lower level of offending, averaging .6 offenses, as compardtet®eclining
Medium Levemales that averaged 3.1 offenses in the same wave. The deonrease
offending amongst th®eclining High Levelfemales was much faster and sooner
than their male counterparts. For example, the average feffeheling drops from

.6 offenses to .4 offenses, and finally hits 0 by wave 6. Comparablyffémeling of

the Declining Medium Leveinales is steady from wave 1 until about wave 7 when
they appear to have desisted.

The offending of theHigh Level females is comparable to that of the
Declining High Levemmales. Particularly, while these groups were comprised of few
females (2.6%) and males (3.1%), both groups committed more crimeshthan
same-sex counterpart. Distinguishing these groups is the levelfferdding.
Declining High Levelmales offend at higher levels throughout the study period.
However, compared to the other female offending grodpgh Levelfemales were
offending at much higher rates, average 3 offenses a yeamfaoen 1 through wave

5 (with the exception of the dip in wave 3). Despite the decreastending from
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wave 5 through wave 7, this group of females continued to offend at hajbsrthan
the other female offenders.

The trajectories oDeclining Medium Levelemales and.ow Level Riserare
unique to females. Nearly 15% of females can be classifiddealining Medium
Leveloffenders. This group of females started offending at about the medaikih
comparison with the other four female offending groups. Over the 10pgead,
their offending consistently declined. By wave 7, the rate ofndifeg for the
Declining Medium Leveadffenders was indistinguishable from f@enformists

A small percentage (10%) of females is classifiedLew Level Risers.
Unlike the other offending groups who decreased their offending tower Low
Level Risersincreased their offending over the ten year perianlv Level Risers
started offending at an estimated .5 offenses per year at vavhis rate declined to
.3 offenses per a year during wave 4. At this point, the offendihgwflLevel Risers
began to increase slightly, peaking at an average of .8 odfensbeir offending
remained stable through wave 7.

In sum, results from the group-based trajectory model provides eaipiri
support that multiple, gendered, offending trajectories exist amond\N#tienal
Youth Survey sample. This evidence demonstrates a clear diffeireneeels of
offending between males and females. Furthermore, males anttSeappear to
increase and decrease their offending at different rates.lyFirtaére is weak
evidence suggesting that some females actually increaseldhelr of offending
during adolescence. The group-based trajectory model was unaldentdyi an

emerging adult onset offending group among either sex. It is unclear whmeshera
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result of the sensitivity of the model or a true result. Theptelacontinues by
exploring which risk factors distinguish the identified offendinget®ries. Next, a
between-wave comparison model is used to determine whether seustivity
prevented the identification of an emerging adult onset group. If @ugploup is
identified, logistic regression models are used to determine wins&h factors

influence onset during emerging adulthood.

RISK FACTORS PREDICTING GROUP MEMBERSHIP FOR MALES

Early childhood risk factors

Previous criminal career research suggests that long terioys offending is
highly correlated with exposure to early childhood risk factors (Laudb Sampson
2004; Moffitt 1993; Nagin and Land 1993; Nagin, Farrington and Moffitt 1995;
Patterson and Yoerger 1993; Sampson and Laub 1993). Results from amialysis
variance (ANOVA), Tukey HSD, and chi-square models suggest th& Whins may
be true for declining high level and declining medium level malebleshigh level
offending does not always correlate with increased exposurarlio ahildhood risk
factors. Additionally, high exposure does not always translate itfife af serious
offending. Specifically, ANOVA results indicate that among thale offending
trajectories significant mean level differences existtfa variables: disadvantaged
neighborhoods (F(4, 865)=3.7%3<.01), and parental appraisals at wave 1 (F(4,854)=
11.44,p<.00) (Table 8). Summary results are presented in Table 9.

As predicted by earlier studies, Tukey-HSD tests indicate dleatining
medium level males (M=9.4359) and declining high level males (M=8.99F2) a

more likely to come from more disadvantaged neighborhoods compateel stable
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low level males (M=8.56494). Contrary to expected results, naifis@nt
differences were revealed between the neighborhoods in whible dtmgh level
males were raised and those in which the stable low levelsnvaége raised.
Additionally, no significant mean level differences are found betwssmres for
conformists (M=8.9189) and the declining medium and declining high level males.

Interestingly, while disadvantaged neighborhoods are stronglglated with
the long-term, serious offending of declining high level and declinindiume level
males, opposite effects are found for public assistance. Chi-sasailes reveal that
almost half (45.8%) of all male offenders from families recwjvpublic assistance
are stable low level offenders. Comparatively, declining higleljedeclining
medium level, and stable high level males make up 43% of malewirgy public
assistance combine. A small percentage (14.8%) of public assistmgents are
conforming males.

Barring of the results for conforming males, expected scoeegeported for
all male groups on the parental apprasedle. During wave 1, declining medium
level (M=26.8800), declining high level (M=27.6306), and stable high level
(M=27.8875) males reported significantly higher levels of neggtiarental labeling
than the stable low level males (M=25.2268). No significant meah déferences
were found between the conforming (M=26.7268), declining medium level, and
declining high level, and stable high level males.

Adolescent risk factors
Previous criminal career research suggests that adolesslerfactors are

likely to stimulate the criminal careers of youth negativeifgcted by the stresses
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and strains related to the maturity gap (Moffitt 1993; Mof#ittal. 2001). Group-
based modeling failed to identify this offending trajectory amansgelf-reported,
nationally represented sample of U.S. males. This series edrobsalso proposes
that exposure to early childhood risk factors and the resulting behaads Ito
cascading effect of cumulative disadvantages (Laub and Sampson 2004 Moff
1993; Nagin and Land 1993; Nagin, Farrington and Moffitt 1995). Therefateuse
youthful offenders, particularly the declining high level and d@alj medium level
males, should be at higher risk during adolescence. ANOVA and THi&&yresults
support this contention with significant mean level differences fowetdiden the
groups for adolescent risk factors: grade point average (F(4,780)3<120),
negative school experience (F(4,779)=5.88,00), peer approval (F(4,819)=32.74,
p<.00), and normlessness (F(4,776)=315<,00) (Table 9 and Table 10).

As expected, declining medium level (M=3.4789), stable high level
(M=3.4722), and declining high level males (M=3.5714) reported significiowlgr
grade point averages than their stable low level counterpart3.7857). With the
exception of the declining high level offenders (M=3.5714), these offergtmgps
also reported more negative school experiences (M=11.4789).

In addition to their problems in school, stable high level males (M=20.5263)
declining high level males (M=19.2752), and declining medium level gnale
(M=19.9091) reported having significantly more crime acceptingspeampared to
stable low level males (M=16.0313). However, scoring lower on the gmepval
scale is not an indication of having delinquent friends. Chi-squardsresdicate

that the largest percentage (43.51%) of the males associatmgelinquent friends
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is the stable low level group. Declining medium level, declining heyel, and
stable high level males comprise a third (33.65%) of males who iatesaeith
delinquent friends. Finally, stable high level males (M=19.4638), rdeglihigh
level males (M=18.0943) and declining medium level males (M=19.46p8)tesl
significantly higher levels of adolescent strain or normlesstiean their stable low
level counterparts (M=15.1694).

Again, more similarities were found between conforming and daglihigh
level males than differences. Conforming males reported sigrdae point averages
(M=3.3941), negative school experiences (M=10.2978), crime approving peers
(M=17.9832), and levels of normlessness (M=16.9467) as declining high level,
declining medium level and stable high level males. Furthermorgorming males
make up more than a fifth (22.85%) of males with delinquent friends.
Emerging adult risk factors

Following the assumptions put forth by other criminal careeszarebers,
between-group differences should continue to exist between high andevel |
offenders into emerging adulthood. Particularly, serious, long tefiendsrs should
continue to be at a disadvantage compared to their low level offendingoand
offending counterparts. However, other research suggests thatadfikascence,
serious, long-term offenders will begin to mature and age-outimkdiGottfredson
and Hirschi 1993; Laub and Sampson 2004). ANOVA and chi-square models find
support for both hypotheses. At the.00 level, significant mean level differences

were found between groups for negative work experience (F(4,561)=8.13atri
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work environments (F(4,655)=5.96), parental approval (F(4,735)=4.63), and peer
approval (F(4,732)=20.51 (Table 9 and Table 11).

During emerging adulthood, declining medium level males continued to out
score the other male offending and non-offending groups on the veegabirk
experience (M=12.1224), parental approval (M=9.3676), peer approval (M=13.9853),
and criminal work environment (M=11.6721) scales. Criminal offendinghiese
men is more likely to occur during this developmental stageey tire exposed to
more negative work environments and have parents and peers that are more
approving of criminal behavior. Results from this study suggestdh#te declining
medium level males increased exposure to early childhood riskdastorore likely
to result in a cumulative disadvantage during adolescence andimgnadylthood.
However, this does not appear to be the case with the other serious offending groups.

Significant mean level differences were not found between skabldevel,
conforming, declining high level, and stable high level males Her \ariables
negative work experience and parental approval. These groupseseiikely to
report having negative work experiences and crime approvingntpamturing
emerging adulthood. Likewise, declining high level offenders repdréving few
crime approving peers during emerging adulthood (M=11.617). While theidg
high level and stable high level males appear to have soma#liigned themselves
with the more conforming stable low level offenders, they apjoestill suffer from
some of the negative effects resulting from their childhood predigpes
particularly knifed off employment opportunities. Combined, the decliriiggp

level, declining medium level and stable high level groups make up 27.38% of
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emerging adult males that gained employment upon entrance inépgiag
adulthood.

Much like earlier results, conforming males are exposed to sbrs@me risk
factors as their offending counterparts. Specifically, conforrmates (M=11.6351)
are as likely to work in a crime approving environment as thindeg medium level
males. Additionally, conformists (M=12.7394) and stable high levelndées
(M=12.3582) reported similar scores for crime approving peers, thoughstuwees

were significantly lower than the declining medium level males.

RISK FACTORS PREDICTING GROUP MEMBERSHIP FOR FEMALES

Early childhood risk factors

Unlike the male offenders, early childhood risk factors areroattgescribing
serious offending in general, regardless of the length of an indil@daaminal
career, particularly for the early childhood risk factor paterdppraisals
((F(4,770)=8.06p<.00) (Table 12 and Table 13). Analysis of variance (ANOVA)
and Tukey HSD results reveal that only the declining high levealiEsreport high
levels of exposure to negative parental appraisals (M=29.6364). idoweembers
of the declining high level group should not be consider long-terendéirs, as by
age 18 they appear to desist from a life of crime. High leaakles (M=27.3333)
report significantly lower scores, with no significant mean lelfrences existing
between this group and the low level risers (M=25.1414) and conformists
(M=26.2237).

Unlike the males, low socio-economic status does not prediciuselong-

term offending. No significant mean level differences werenfl between the
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female trajectory groups for disadvantaged neighborhood. Additiomdliysquare
results reveal that only a small percent (15.29%) of serious, téwng-female
offenders receive public assistanceThe majority (85.67%) of female public
assistance recipients are low level risers or conformiblese findings suggest that
while public assistance may be a proxy measure for socio-ecostamis, the act of
receiving public assistance may actually protect lower clag$sviduals from
developing into serious, long term offenders.

Adolescent risk factors

Like the males, evidence was found for the assumption that exposeae\t
childhood risk factors leads to the cascading effect of cumulalisadvantages
among serious, female offenders (See Laub and Sampson 2004; Moffitt £8§8; N
and Land 1993; Nagin, Farrington and Moffitt 1995) (Table 12). Amondetinale
trajectory groups, significant mean level differences are foanthé adolescent risk
factors: grade point average (F(4,699)=7.52,00), negative school experiences
(F(4,699)=37.81<.00), peer approval (F(4,747)=28.6p<.00), and normlessness
(F(4,700)=18.71p<.00) (Table 14).

Tukey HSD results indicate that the declining high level femedeginue to
be at a disadvantage during adolescence. With regards to the schablesgarhis
group reported significantly lower grade point averages (M=3.0909) namck
negative school experiences (M=12.2727) than members of the othde fgmaps.
Additionally, the declining high level females reported having madreecapproving
peers (M=21.0000). Similarities in levels of adolescent stress vbserved between

this group (M=19.2727) and the declining medium level females (M=19.1053).
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Despite the lack of significance on the normlessness scale, cheirte high level
females still out scored the other females groups. None ofitiesaent risk factors
were significantly correlated with the criminal behavior of tingth level offenders or
conforming females.

As predicted by feminist researchers, frequency of offendorgsome
females, specifically low level risers, does increaselateaage. However, ANOVA,
Tukey, and chi-square results do not support the contention that incretesetingf
during adolescence is strongly correlated with increased expasadolescent risk
factors (Table 12). Compared to other female offending groups, leel tesers
reported higher grade point averages (M=3.9398) and fewer negstheol
experiences (M=9.9099) than all other groups. Additionally, low lesets were
significantly less likely to be exposed to crime approving péktrsl4.265) and
experience high levels of adolescent strain (M=14.0375).

Emerging adult risk factors

Exposure to early childhood predispositions continues to place the dgclini
high level females at a cumulative disadvantage during emeaginighood (Table
12). Furthermore, there is empirical support for the feministnaggon that female
offending is highly correlated with romantic relationships witimmal partners, but
not correlated with increases the female offending. Emergdult risk factors
distinguishing the female offending trajectories include: craninpartner
(F(4,291)=7.37p<.00), parental approval (F(4,715)=5.2%.00), and peer approval

(4, 712)=18.29p<.00) (Table 15).
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During emerging adulthood, declining high level females continued @ be
cumulative disadvantage as they were more likely to have mone @pproving
parents (M=9.1818) and peers (M=12.4783) than their other female coutsterpar
The declining medium level females also appear to be on a downwaatl afper
reporting high levels of strain during adolescence. This group repoatedg more
crime approving romantic partners (M=11.6364) than other females aachivked
the declining high level females with regards to crime approviegsp@®1=12.4783).
While their offending continues to increase during this developmenatz,sthe low
level risers were least likely to be involved with a crirapproving partner
(M=8.5714), have crime approving parents (M=7.4944) and crime approving peers
(M=96.2968). Consequently, it is still unclear as to the reasonsnggaditheir
increased offending at such a late age.

Interesting, while these mean level differences exist liesd relationship
variables, chi-square results did not reveal significant diffeseefmethe emerging
adult females that get married, indicating that while i@hghips are highly
correlated with female offending for serious youthful offesdeimply being in a
relationship does not lead to female crime. Unlike the males, gafisant

differences were found between groups for any of the work related variables

RESULTS OF THE BETWEEN-WAVE COMPARISON MODEL

One of the limitations of the group-based trajectory modekisnability to
detect groups made of a small number of individuals. Consequentlyyeebewave
comparison test is conducted to validate the results from the groe@-basdel.

Results from the between-wave comparison analysis differ therfindings from the
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group-based model. While small in number, the between-wave campamalysis
identified 79 emerging adult onset offenders, 35 males and 44 fe(Makle 16).
Overall, these individuals comprise 8.1% of all offenders. Wiglaich sex, emerging
adult onset offenders comprised 5.6% of the male offenders and 12.7%halé fe
offenders. Comparatively, the 776 adolescent onset offenders comrr8é of all
offenders, 82.1% of male offenders and 75.2% of female offendersest#mated
12% of the total, male, and female offending groups are early affegtders.
Contrary to feminist literature, chi-square results do not indieate significant
differences between the number of females and number of maledetredop into

emerging adult onset offenders.

RISK FACTORS INFLUENCING ONSET DURING EMERGING ADULTHOOD

Three logistic regressions are conducted to determine whatblesriwere
significant in predicting emerging adult onset: a restricted mtbde included the
total sample, an unrestricted model including only males, and an nctessinodel
including only females. Few risk factors included in this study apfmeinfluence
emerging adult onset. As expected, influencing risk factorgaapfm be more
proximate in nature.

Results from the restricted model reveal that individuals thrthindt marry
were 1.6 times more likely to be an emerging adult onset offe(icdsle 17).
Results from the unrestricted male model reveal that on avemafgs with more
negative school experiences were 15% more likely to experiencegieneadult
onset. Females that did not marry were 1.8 times more li@ddg an emerging adult

onset offender.
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Similar to the chi-square results present earlier, empieicialence from the
restricted model and the unrestricted male model support the nb@bdnptuibic
assistance acts as a protective factor. Sample membengirggublic assistance
were 86% less likely to become involved in crime during emgrgdulthood; Males
were 2.1 times less likely.

These results suggest that while the sensitivity of the grosgdbi@ajectory
model was unable to identify an emerging adult onset offending gaoarpall group
does exist. Logistic regression results reveal there geralered risk factors

influencing this transition. As expected, these results are more proxmrature.
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CHAPTER 5: CONCLUSION

Over two decades ago, the National Institute of Justice irsti@tresearch
agenda focusing on individualized criminal careers, stimulatinggbecame curve
debate (Blumstein et al. 1986). Suddenly a stagnated criminoldgcagline which
had little impact on crime policy was re-energized with theoduction criminal
career research and the search for the career crimihahgiin et al. 1986). In
particular, criminologists became interested in identifyindirais youthful criminal
typologies and their distinguishing risk factors. The empiricatkwthat followed
consistently identified two youthful offending groups, early and adeigsonset
offenders. More contemporary criminal career and feministarehl shifted the focus
of the investigation to the criminal careers of late onset offspdgendered
trajectories, and corresponding risk factors. Forgotten amongrekesarch is a
discussion about the gendered criminal careers of emerging. aduiis dissertation
explores this issue. Specifically, this dissertation invegtsyathether an emerging
adult onset offender exists in a self-reported, nationally repeses U.S. sample.
This dissertation also seeks to determine whether genderedtdrags and risk
factors exist.

Investigation into these issues is challenging because birtited number of
nationally representative datasets containing self-reportestmation on post-
adolescent risk factors, criminality, and other life circumstand®ther researchers
have resolved this issue by utilizing data from police and ceuadrds with results

revealing of a high prevalence of late onset offenders in tlendiffg population
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(Daly 1994; Eggleston and Laub 2002; Kratzer and Hodgins 1999). However,
empirical comparisons of self-reported and official data teetfeese findings. The
majority of late onset offenders as identified in officiadawls self-report youthful
offending (Elander et al. 2000). Other retrospective U.S. studies have dsegpcsl

data from already convicted individuals (Simpson et al. 2008). Rdsuftsthese
studies have also identified a late onset offending group. Such shaliesbeen
criticized on the likelihood that they are plagued with respondest blaaddress
these issues by using self-reported, prospective, longitudinal rdataaf nationally
representative sample of U.S. youth.

This research integrates the theoretical and empirical wockirninal career
and feminist criminologists in an effort to better understandgagéed and gendered
trajectories. | contribute to the criminal career and femlitesature by focusing on
an under studied population, emerging adults. | use a ten-point vacaey te
determine the level of individual offending. All analyses are coeduasing this
variety scale. Finally, | use Nagin’s (2005) group-based tmjeanodeling, a
between-wave comparison model, conventional statistical tools, andgtidogi
regression models to identify age-graded and gendered trajectmmgbstheir
distinguishing risk factors. For the remainder of this chapter, | diskegbeoretical,
research, and policy implications of this research, and suggestiairs for future

studies.
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THEORETICAL AND RESEARCH IMPLICATIONS

Emerging adult onset offenders

Past studies have revealed many inconsistencies between khiactisrs
thought to influence late onset offending and the basic assumptions myf ma
contemporary, mainstream criminological theories such as infasowhl control.
Consequently, more traditional theoretical explanations such asiamadlistrain
theory, differential association theory and social learning theave been used to
explain this phenomenon. Yet, no theory has provided an adequate explanation
Findings from this dissertation suggest that the challengexmfiaing emerging
adult onset may be patrticularly difficult because a very smatiber of individuals
experience this phenomenon. Consequently, statistical methods such abagedip
trajectory modeling lack the sensitivity needed to identify tiisup. However,
group-based modeling is useful in identifying multiple and gendeféshding
trajectories.
Gendered trajectories

Group-based trajectory models identified ten gendered wagest five male
trajectories and five female trajectories. For the modt, plaese trajectories are
similar with groups of serious, long-term offenders, serious, eatgsisting
offenders, and conformists found among males and females. Durigglwaerious,
long-term offenders, referred to as declining high level maheshigh level females
participate in significantly higher levels of crime compatedhe other offending
groups. Though their level of offending decreases with age bersnof these groups

still participate in more crime at all ages compared to aiffenders. In addition to
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these groups, serious, early, desisting offenders, referred tolesndgemedium level

males and declining high level females, report high levels ohdifigy during wave

1. However, by wave 6, members of these groups desist. Conformists did not offend
at any age.

Despite the similarities found between male and female toaies,
differences are identified. First, there is evidence of gnaups of stable offenders
among the male respondents, stable high level and stable lowmreled. Stable
high level males patrticipate in an average of 1.5 crime tgpg=ar. Stable low level
males are involved in an average 1 crime type a year. @gden year period, the
level of offending for both groups does not change significantly.

A stable offending group is not evident among female offendersnalEe
trajectories instead include a group of steady desistersre@fén as declining
medium level offenders, and a group of low level risers. During Watiee declining
medium level females report similar levels of crime agtias the stable low level
males, but over the ten year period, their offending steadilyedses to the point of
desistance. Low level risers are the most unique group identiffed. gfoup of
female offenders is involved in low levels of offending during waveBy wave 5,
their level of offending begins to increase, peaking at an averfgeé offenses.
While level of offending for low level risers decreases sligtitiey do not before the
end of the data collection period.

Gendered risk factors
Increased exposure to early childhood risk factors are highlglated with

the serious, long-term offending of declining high level males|imdag medium
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level males, and stable high level males, as well as trmuseasifending of declining
high level females. During early childhood, declining high levet]idieg medium
level, and stable high level males are exposed to more disadvantagjgobrigoods
and more negative parental appraisals as compared to thegvelnahd conforming
counterparts. Declining high level females also reported inaeagposure to
disadvantaged neighborhoods. Interestingly, male and female publicarssist
recipients appear to be protected from a life of serious, long term offending.

As predicted by Moffitt (1993), increased exposure to early childhsbéd r
factors place high risk males and females at a cumulativelvdistage during
adolescence and emerging adulthood. During adolescence, declining high l@sgl mal
declining medium level males, and stable high level males replostesr grade point
averages, more negative school experiences, more crime approvingapeenggher
levels of strain than their stable low level counterparts. rMguemerging adulthood,
all three groups were less likely to gain employment. Additionally, maglimedium
level males reported more negative work experiences, an indrékskhood of
working in a criminal environment, and more crime approving parents and peers.

Declining high level females were also at a cumulative disadga during
adolescence and emerging adulthood. This group reported lower grade point
averages, more negative school experiences, more crime approvingupedigher
levels of adolescent strained compared to their other female qoams$er During
Emerging adulthood, declining high level females also reported havimg anime

approving parents and peers.
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Early childhood risk factors are not the only risk factors tlzat lead to a
downward spiral. My results indicate that high levels of adolestesins cause the
declining medium level females to be at a disadvantage duringgemedulthood.
In particular, this group reported having more crime approvingh@a and crime
approving peers. Therefore, it appears that high exposure to more gt@xiisk
factors can be as detrimental to individual development as high weeptis early
childhood risk factors.

Risk factors correlated with the behaviors of conforming matestlae low
level rising females contradict some of the basic crimin@eraassumptions. For the
most part, conforming males resemble serious offenders, yet thagtdeoansition
into a criminal lifestyle. For example, during early childhood, confng males are
as likely to come from disadvantaged neighborhoods and be exposed to negative
parental labeling as declining high level, declining medium lemed] stable high
level males. Similarly, during adolescence, conforming males treponparable
grade point averages and exposure to negative school experienmoesagproving
peers, and adolescent strain as serious, long-term offending. ni2lging emerging
adulthood, conforming males are as likely to work in crime approvingaments
as the declining medium level males and having as many cppre\ang peers as
the declining medium level and stable high level males. More igatiem is needed
to determine why high risk conformers do not transition into cringedeclining high
level and declining medium level offenders do.

More research is also need to explain why low level risingafes increase

their level of offending during late adolescence. Researchers suiggesicreased
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offending during adolescence is strongly correlated with thensteaid stresses of the
maturity gap. However, this group reported higher grade point asrdgwer
negative school experiences, fewer crime approving peers, and lovets |af
adolescent strains than the other female offending groups. Theyeptsted low
scores on all early childhood and emerging adult risk factdviare research is
needed to determine the factors influencing increased offending of this group.
Emerging adult onset offenders.

While findings from the group-based trajectory models refutexistence of
a late onset offender, between-wave comparison models wer® atdmtify a small
number (79) of emerging adult onset offenders. The contradiction indgsmduggest
that the difficulty in determining whether this group exisigsInot in the type of data
being explored, e.g. self-report vs. conviction and arrest data, the mdthods used
to investigate the issue. Further investigation revealed thafathers leading to
emerging adult-onset are more proximate in nature with engeeglult onset males
reporting more negative school experiences during adolescence argingnaelult
onset females being less likely to get married. More reBaa needed to investigate

other risk factors that stimulate emerging adult onset.

STUDY LIMITATIONS

Despite these findings, there are some limitations of tlssedation. First,
the respondents’ ages range between 21 and 27 years during wave atinguthe
period of emerging adulthood being studied. Preliminary analyseébeolNYS
reveals that by wave 7, a number of respondents were marriedaocahabitating

relationship, had started a career, lived independently, and had child@irese life
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changes are evidence of a transition from adolescence intogi@gn adulthood.
However, it is likely that some individuals will make these transitions towhedsnd

of this developmental stage. Truncating this age group prevents me from stheying t
impact these transitions have on older emerging adults and theina careers.
Additionally, my ability to identify any unique age-graded risktéas that affect
those in their late 20s and early 30s will be limited.

Second, these data were collected from 1977 through 1987. It could be
argued that since the collection of this data a random sigmife@ent may have
influenced a significant change in every day life and individual behafiaghe
respondents. However, unlike other datasets that may have been plaguadewi
residual effects of major historical events such as the Gegatession (see Sampson
and Laub 1993), the ten years from the start of the data coll¢otitve end of the
data collection were fairly stable in the U.S. Moreover, antptical event would
have affected all participants in the National Youth Survey samitevever, these
data are not able to account for social changes, i.e. delayedgearrincreases in
teenage child bearing and college attendance, etc., which have dcsumce the
1980s. Consequently, my findings may be a result of a historical or cohort effect.

Third, these data are affected by sample attrition. By wasbnbst one fifth
(19.8% or 342 individuals) of the total sample population dropped from the study,
including 23.7% of the males and 15.4% of females sampled (Table 1gliQaer
majority (71.1%) of the original sample participated in a mininafnsix waves of
the study. T-tests are used to identify any significantesystic differences that may

exist between respondents and non-respondents participating at wavaldsdnitat
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wave 7. T-tests are used to determine if systematic elftes exist between
individuals present at both waves 1 and 7 and attrite respondents (individagl
responded at wave 1, but not a wavé 7All independent and dependent variables
are regressed on the dichotomous variable, y7_respond. This variatdedsone if
respondents were present at both waves and zero if they dropped freunviie by
wave 7. Separate analyses are conducted for males and females.

Significant differences between responding and attrite nvedee found for
grade point average, gaining employment, and stable employmentst 3ctees
indicate that males with higher grade point averages werdisagly more likely to
respond at both waves (Table 2). Additionally, males that gainddraintained
employment between wave 5 and wave 6 were significantly moig tikeespond.
With an alpha of .05, | would expect to find one significant effect in twenty (or five in
100) by chance alone. These results provide little evidence iséénstic
differences exist between responding and attrite males.

Significant differences between responding and attrite femades found for
seven risk factors: two early childhood risk factors, one adolesiséntactors, and
four emerging adult risk factors. Females raised in moreaddantaged
neighborhoods and who received more favorable parental appraisals daring
childhood were more likely participate at wave 1 and wave 7 €Tapl Participation
during adolescence was more likely if female respondents had ngagveeschool
experiences. Similar to male response, female response Iseasnare likely if

female respondents gained and maintained employment between waves &

* Attrition analyses can also be conducted usinigstimgregression. Se&ppendix C: Missing data
analysedor logistic regression results.
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Additionally, parent and peers of female respondents were morgpthsang of
criminal behavior during emerging adulthood. These results indilcate with an
alpha set at .05, it is reasonable to assume that systembdrentes exist between
responding and attrite females. However, an alpha set to .10, would sotpgesise
as | would expect one significant effect in ten (or ten in one hdhdrg chance
alone. Increasing the alpha level to .10 decreases the rigor of the test.
Acknowledgement of these limitations is important; however theynato
impede my ability to investigate different offending trajee®rand their correlating
risk factors. Caution should be taken when interpreting the results and futurelresea
is needed to determine if other offending trajectories and risirfacan be identified

in other studies using self-report data.

POLICY IMPLICATIONS

Though some limitations do exist with this study, the results shaoatidbe
disgards as much can be gained with respect to policy implicaédies revealing
few between-individual differences among male offending grougat70, Laub
and Sampson (2004) downplayed the need for further investigation of between-
individual differences. However, my results suggest otherwiséy ability to
identify various offending groups and their distinguishing risk fact@as assist
policy makers in their ability to target high-risk youth weffective delinquency
prevention programs. Treating these youth early can decredgestine®od of future
offending. Additionally, delinquency prevention programs aimed atifspege
groups, not just at high risk youth, can help reduce the likelihood that older

individuals will transition into a life of crime.
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Hagan and McCarthy (1998) suggest that desistance can only occitered a
an offender disassociates from criminal social networks. Mglirfgs from the
group-based trajectory models support this contention. However, gadatchange
must be accompanied by the resources to do so (Giordano et al. 208&)erding
adult offenders are prevented entrance into the legitimate wark, fthey are limited
in their ability to disassociate from criminogenic work environtae Given their
level of exposure to disadvantaged neighborhoods, there is a high prglibbtlithe
declining high level, declining medium level and stable high lexaésidentified in
this study are limited in their occupational options. It is nubfiecult to draw this
conclusion about the serious female offenders as this variable ns@mificant.
However, other feminist research suggests that the fembémcoe on criminal
partners, peers, and parents is partially the result of elimiegitimate work
opportunities and other economic restraints such as childcare (Giordano et al. 2002).

Providing work placement programs and establishing relationships Ibetwee
high-risk youth and local employers would decrease the riskfiewvemerging adults
of both sexes and increase the probability of desistance. Emgeadults are prime
candidates for these programs. Research indicates that emadgitgare less likely
to report criminal involvement and arrest when provided with margimgdloyment
opportunities (Uggen 2000). The types of opportunities provided must include
occupations favorable to both males and females. Additionally, thegeap®
should provide childcare services for those emerging adults with exil@his effort
would help to reduce childcare burdens placed on single parentgllaasweduce

their reliance on other criminal associates.
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Results from this study also support the need for delinquency mi@ve
programs. While it is unclear from this study as to what public asststamails, non-
recipients were more likely to develop into serious, long-termndiérs. However,
simply giving money to high risk families is not enough. High reskifies need to
be educated on ways to reduce their child’s risk level and strentiteie bond with
their child. The Nurse-Family Partnership is an excellgatrple of a delinquency
prevention program aimed at achieving these goals.

This model program, as rated by the Center for the Study anérien of
Violence at the University of Colorado at Boulder, provides firaet low income
families with nurse home visitors during the first few yeafra child’s life® Nurses
assist in improving: parental skills, the care provided to infatti @and parent
development, child and parent interaction, etc. While this programnhestianated
cost of $3,000 a year after start up fees, recipients arekeblstb request future aid.
Additionally, criminal involvement of both parents and youth are reduced and
attachment between family members improves. Though the init&l nay seem
expensive, the benefits outweigh the future costs that crimespbacéhe individual
and society.

The limited amount of knowledge about risk factors influencing emegrgi
adult onset offending makes it difficult to suggest any policy itapbns. More
research needs to be conducted to determine other factors influmsitignsition.
As more knowledge is gained, it will be easier to provide insigbt the prevention

programs that will reduce their risk level.

® More information about ratings system and the Bkiamily Partnership can be found online at
www.colorado.edu/cspv/blueprints.
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FUTURE RESEARCH

This dissertation suggests a number of areas for future resegish, this
research should be replicated using other, more recent, self-ce@orte official
arrest and conviction data gathered from a nationally represensatimple of U.S.
youth. This research should investigate the influence of other Emgexdult risk
factors not studied here such as: failing or dropping out of collemyging a family,
divorce, moving long distances from family, friends, etc. Suchareksewould
provide more insight as to why some individuals transition into catreuch a late
age.

Future research should also include data on older individuals. Findings from
this study cannot be used to conclude whether a late/adult onset greupr dimes
not exist. This study was limited based on the age of sanggerdents. Self-report
data gathered from older adults may reveal an adult onset offegrbng that is
influenced by different risk factors.

Additional research is needed to better understand the cumulative
disadvantage effect. Specifically, does this effect only octundividuals are
exposed to certain types of early childhood risk factors? Are tegtain gendered
risk factors not included in this study that consistently pladeusefemale offenders
at a cumulative disadvantage later in life?

Finally, more investigation is needed to explain why some hsgjh-r
individuals develop into conformists while others develop into serious, &ng-t
offenders. Could these between group differences be a result eticgeading?

While contemporary criminal career research shies away ftosnissue, recent
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neuroscience research suggest this may be the case. Imi@sigeato the
phenomenon of addiction have found that between-individual variation in genotypes
helps to determine whether an indivdiual will develop into an add®tientists
suggest that differences in genotypes can impact individual readiorather
environmental stimuli (Caspi and Moffitt 2006). More researchneeded to
determine whether genetic coding is the deciding factor forthehehigh-risk
individuals become involved in crime.

My analyses suggest that a group of emerging adult onset offeludr£Xxist
among a nationally representative sample of U.S. youth. Addityorials research
provides further knowledge about gendered criminal typologies and #seiciated
risk factors. However, much more research is needed on both toprasie may
never be eliminated from society, but hopefully the results fthism and future
research will lead to more programs designed to prevent others froiidrang into

a life of crime.
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APPENDIX A: TABLES
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Table 1. Missing cases of total sample, by wave and sex

Total Females Males
Wave Number Percent Number Percent Number Percent
| 0 0.0 % 0 0.0 % 0 0.0 %
1] 71 4.1 31 3.8 40 4.4
] 100 5.8 44 5.5 56 6.1
v 182 10.6 69 8.6 113 12.3
\Y 232 13.4 97 12.0 135 14.7
VI 237 13.7 84 10.4 153 16.7
VIl 342 19.8 124 15.4 218 23.7
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Table 2. Attrition analyses, male respondents

Risk factors t sig
Abuse -0.56 0.58
Early Pgblic assistance . -1.42 0.15
childhood D|sadvant§ged neighborhood -1.92 0.06
Parental crime -0.16 0.88
Negative parental appraisals 0.23 0.82
Negative school experience -0.31 0.75
Delinquent peers -1.24 0.22
Adolescent |Peer approval -0.20 0.84
Normlessness 0.50 0.62
GPA 2.48 0.01
Negative work experience 1.10 0.27
Gainful employment 5.01 0.00
Stable employment 7.20 0.00
Emerging |Criminal work environment -0.80 0.43
adult Marriage 1.21 0.23
Criminal partner -1.12 0.26
Parental approval -0.37 0.71
Peer approval -1.30 0.19
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Table 3. Attrition analyses, female respondents

Risk factors t sig
Abuse -1.44 0.15
Early Pgblic assistance . -1.48 0.14
childhood D|sadvant§ged neighborhood -2.83 0.00
Parental crime -0.55 0.58
Negative parental appraisals -2.02 0.04
Negative school experience 2.24 0.03
Delinquent peers -1.91 0.06
Adolescent Peer approval 0.60 0.55
Normlessness -0.20 0.84
GPA 0.26 0.79
Negative work experience -0.34 0.73
Gainful employment 5.21 0.00
Stable employment 5.17 0.00
Emerging Criminal work environment 0.38 0.70
adult Marriage 0.60 0.55
Criminal partner -1.90 0.06
Parental approval -2.59 0.01
Peer approval -2.21 0.03
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Table 4. Descriptive statistics of covariates, total sample

Risk factors Variable N Min Max Mean S.D. Alpha Description
Abuse 1725 0.0 1.0 04 05 parental abuse
Public assistance 1683 0.0 1.0 0.2 04 parental recipient of public assistance

Early childhood |Neighborhood 1678 7.0 21.0 8.8 2.2 0.747 high scores indicate more disadvantaged neighborhood

Parental criminality 1677 8.0 25.0 10.2 4.0 0.869 high scores indicate stronger approval of youthful crime.
Negative parental appraisal 1668 14.0 46.0 26.1 0.5 0.710 high scores reflect more negative parental appraisal
Neg. school experience 1520 5.0 21.0 10.5 2.6 0.658 high scores indicate a more negative school experience
Delinquent peers 1603 0.0 1.0 08 04 had delinquent peers

Adolescent |Peer approval 1612 8.0 33.0 16.6 4.8 0.885 high scores indicate more delinquent peers
Normlessness 1518 7.0 29.0 15.9 4.4 0.821 high scores indicate higher levels of normlessness
Grade point average 1513 1.0 50 3.7 0.8 high scores indicate better grades
Neg, work experience 1077 5.0 20.0 10.5 2.5 0.723 has a negative work environment
Gained employment 1690 0.0 1.0 04 05 gaining employment between waves 5 and 6
Stable employment 1690 0.0 1.0 04 05 stable employment between waves 5 and 6

Emerging Criminal work environment 1284 6.0 22.0 10.4 3.1 0.892 coworkers approved of criminal behavior

adulthood Marriage 1471 0.0 10 02 04 married between waves 5 and 6
Criminal partner 477 6.0 19.0 9.4 2.8 0.874 partner approved of criminal behavior
Parental approval 1493 6.0 18.0 8.1 2.3 0.873 parents approved of criminal behavior
Peer approval 1487 6.0 28.0 10.9 3.5 0.898 peers approved of criminal behavior
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Table 5. Descriptive statistics of covariates, males

Risk factors Variable N Min. Max. Mean S.D Description
Abuse 918 0.0 1.0 0.4 0.5 parental abuse
Public assistance 902 0.0 1.0 0.2 0.4 parental recipient of public assistance
Early childhood |Neighborhood 899 7.0 210 8.8 2.2 high scores indicate more disadvantaged neighborhood
Parental criminality 900 8.0 250 10.2 3.9 high scores indicate stronger approval of youthful crime
Negative parental appraisal 889 15.0 43.0 26.4 4.7 high scores indicate more negative parental approval
Neg. school experience 811 5.0 20.0 10.7 2.5 high scores indicate a more negative school experience
Delinquent peers 848 0.0 1.0 0.8 0.4 had delinquent peers
Adolescent Peer approval 855 8.0 330 17.9 4.7 high scores indicate more delinquent peers
Normlessness 808 7.0 29.0 16.9 4.3 high scores indicate higher levels of normlessness
Grade point average 810 1.0 5.0 3.6 0.9 high scores indicate better grades
Negative work experience 588 5.0 20.0 10.7 2.4 had a negative work experience
Gained employment 899 0.0 1.0 0.4 0.5 gained employment between waves 5 and 6
Stable employment 899 0.0 1.0 0.4 0.5 stable employment between waves 5 and 6
Emerging adult Criminal work environment 684 6.0 220 109 3.2 coworkers approved of criminal behavior
Marriage 761 0.0 1.0 0.1 0.3 married between waves 5 and 6
Criminal partner 177 6.0 19.0 9.9 2.9 partner approved of criminal behavior
Parental approval 768 6.0 150 8.5 2.4 parents approved of criminal behavior
Peer approval 765 6.0 28.0 11.9 3.6 peers approved of criminal behavior
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Table 6. Descriptive statistics of covariates, females

Risk factors Variable N Min.  Max. Mean S.D. Description
Abuse 807 0.0 1.0 0.4 0.5 parental abuse
Early Puplic assistance 781 0.0 1.0 02 04 pgrental reciApieAnt of public alssistance )
childhood Neighborhood 779 7.0 210 8.8 2.3 high scores indicate more disadvantaged neighborhood
Parental criminality 777 80 250 103 4.0 high scores indicate stronger approval of youthful crime.
Negative parental appraisal 779 140 46.0 25.6 5.0 high scores indicate more negative parental approval
Neg. school experience 709 50 210 10.2 2.7 high scores indicate a more negative school experience
Delinquent peers 755 0.0 1.0 0.8 0.4 had delinquent peers
Adolescent |Peer approval 757 8.0 320 15.2 4.6 high scores indicate more delinquent peers
Normlessness 710 7.0 26.0 14.8 4.3 high scores indicate higher levels of normlessness
Grade point average 709 1.0 5.0 3.9 0.8 high scores indicate better grades
Negative work experience 489 50 18.0 10.2 2.5 negative work environment
Gained employment 791 0.0 1.0 0.4 0.5 gained employment between waves 5 and 6
Stable employment 791 0.0 1.0 0.3 0.5 stable employment between waves 5 and 6
Emerging Criminal work environment 600 6.0 19.0 9.8 2.9 coworkers approved of criminal behavior
adulthood |Marriage 710 0.0 1.0 0.3 0.4 married between waves 5 and 6
Criminal partner 299 6.0 17.0 9.1 2.7 partner approved of criminal behavior
Parental approval 725 6.0 18.0 7.7 2.2 parents approved of criminal behavior
Peer approval 722 6.0 24.0 9.9 3.2 peers approved of criminal behavior
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Table 7. BIC estimates for male and female trajectory models

BIC: Males BIC: Females

Full sample Males Full sample Females

Number of groups  (N=5796) (N=918) (N=5196) (N=807)
2 -6,306.8 -6,300.4 -2,916.8 -2,910.3

3 -6,055.7 -6,045.6 -2,930.3 -2,920.3

4 -5,996.9 -5,983.2 -2,831.1 -2,817.2

5 -5,961.7 -5,944.4 -2,803.5 -2,785.8

6 -5,979.5 -5,958.5 -2,838.7 -2,817.2
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Table 8. Analysis of variance results for early childhood risk factors for all male offenders

Risk Factors Source of variation Sum of Squares df Mean Square F  Sig.
Between Groups 70.61 4.00 17.65 3.73 0.01
Disadvantaged neighborhood Within Groups 4092.18 865.00 4.73
Total 4162.79 869.00
Between Groups 69.65 4.00 17.41 1.18 0.32
Early childhood Parental criminality Within Groups 12821.04 866.00 14.80
Total 12890.69 870.00
Between Groups 926.68 4.00 231.67 11.44 0.00
Negative parental appraisal ~ Within Groups 17296.01 854.00 20.25
Total 18222.69 858.00
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Table 9. Summary of results from ANOVA and Chi-square models for male offenders

Male risk factors DHL | DML | SHL| SLL] C

Disadvantaged neighborhood + + +
Public assistance +
Negative parental appraisals + + +

Early
childhood

Grade point average - - -
Negative school experiences + +
Adolescent |Peer approval +
Delinquent friends +
Normlessness +

+
+
+ + + + |+

Negative work experience
Criminal work environment
Unlikely to gain employment +
Parental approval
Peer approval

Emerging
adult

+ + + + +|+
+

+ High scores indicate increased and significantly different risk levels.
- Low scores indicate increased and significantly different risk levels.

84



Table 10. Analysis of variance results for adolescent risk factors for all male offenders

Risk Factors Source of variation Sum of Squares df Mean Square F  Sig.
Between Groups 19.55 4.00 489 7.14 0.00
Grade point average Within Groups 533.82 780.00 0.68
Total 553.37  784.00
Between Groups 145.25 4.00 36.31 5.96 0.00
Negative school experience  Within Groups 4744.86 779.00 6.09
Adolescent Total 4890.11 783.00
Between Groups 2332.90 4.00 583.23 32.74 0.00
Peer approval Within Groups 14589.63 819.00 17.81
Total 16922.53 823.00
Between Groups 1971.47 4.00 492.87 31.57 0.00
Normlessness Within Groups 12113.22 776.00 15.61
Total 14084.69 780.00
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Table 11. Analysis of variance results for emerging adult risk factors for all male offenders

Risk Factors Source of variation Sum of Squares df Mean Square F  Sig.
Between Groups 178.91 4.00 4473 8.73 0.00
Negative work experience  Within Groups 2873.96 561.00 5.12
Total 3052.88 565.00
Between Groups 226.49 4.00 56.62 5.96 0.00
Criminal work environment ~ Within Groups 6223.05 655.00 9.50
Total 6449.54 659.00
Between Groups 74.38 4.00 18.59 2.48 0.05
Emerging adult Criminal partner Within Groups 1206.73 161.00 7.50
Total 1281.11 165.00
Between Groups 103.04 4.00 25.76 4.63 0.00
Parental approval Within Groups 4088.90 735.00 5.56
Total 4191.94 739.00
Between Groups 899.57 4.00 224.89 20.51 0.00
Peer approval Within Groups 8027.24 732.00 10.97
Total 8926.81 736.00
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Table 12. Summary of results from ANOVA and Chi-square models for female offenders

Female risk factors H | pbHL |DML] LLR] €
Early Public assistance + +
childhood |Negative parental appraisals +
Grade point average -
Adolescent Negative school experiences +
Peer approval +
Normlessness + +
Emerging Crime approving partner +
Parental approval +
adult
Peer approval + +

+ High scores indicate increased and significantly different risk levels.
- Low scores indicate increased and significantly different risk levels.
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Table 13. Analysis of variance results for early childhood risk factors for all female offenders

Risk factors Source of variation ~Sum of Squares df Mean Square  F Sig.
Between Groups 17.25 4.00 431 0.87 048
Disadvantaged neighborhood Within Groups 3817.43 769.00 4.96
Total 3834.68 773.00
Between Groups 60.54 4.00 1513 0.95 0.44
Early childhood Parental criminality Within Groups 12244.14 767.00 15.96
Total 12304.68 771.00
Between Groups 769.52 4.00 192.38 8.06 0.00
Negative parental appraisals Within Groups 18390.14 770.00 23.88
Total 19159.66 774.00
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Table 14. Analysis of variance results for adolescent risk factors for all female offenders

Risk factors Source of variation ~ Sum of Squares df Mean Square  F Sig.
Between Groups 16.70 4.00 418 7.59 0.00
Grade point average Within Groups 384.75 699.00 0.55
Total 401.45 703.00
Between Groups 151.40 4.00 37.85 5.22 0.00
Negative school experience Within Groups 5070.96 699.00 7.25
Adolescent Total 5222.36 703.00
Between Groups 2041.01 4.00 510.25 28.66 0.00
Peer approval Within Groups 13299.88 747.00 17.80
Total 15340.89 751.00
Between Groups 1231.42 4.00 307.86 18.71 0.00
Normlessness Within Groups 11516.74 700.00 16.45
Total 12748.16  704.00
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Table 15. Analysis of variance results for emerging adulthood risk factors for all female offenders

Risk factors Source of variation ~ Sum of Squares df Mean Square  F Sig.
Between Groups 191.76 4.00 47.94 7.37 0.00
Criminal partner Within Groups 1892.83 291.00 6.50
Total 2084.59 295.00
Between Groups 94.91 4.00 23.73 5.27 0.00
Emerging adult Parental approval Within Groups 3219.78 715.00 4.50
Total 3314.69 719.00
Between Groups 660.90 4.00 165.23 18.29 0.00
Peer approval Within Groups 6430.83 712.00 9.03
Total 7091.73 716.00
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Table 16. Number of individuals in each offender typology

Total Male Female
Offender typology Number Percent  Number Percent Number Percent
Early onset 119 122 % 77 123 % 42 121 %
Adolescent onset 776 79.7 515 82.1 261 75.2
Adult onset 79 8.1 35 5.6 44 12.7
Total 974  100.0 627  100.0 347  100.00
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Table 17. Logistic regression models predicting emerging adult onset of total sample and by sex

Total Sample Males Females
Risk factors Exp(B) Beta t-ratio | Exp(B) Beta t-ratio] Exp(B) Beta t-ratio
Sex 0.66 -0.41 0.08
Abuse 0.96 -0.04 0.85 1.18 0.16 0.65 0.85 -0.17 0.61
Public assistance 0.42 -0.86 0.04 0.13 -2.08 0.04 * 0.69 -0.37 0.44
Early Disadvantaged neighborhood 1.03 0.03 0.56 1.07 0.07 0.42 1.01 001 093
childhood Parental crime 1.03 0.03 0.31 1.03 0.03 0.50 1.03 0.03 048
Negative parental appraisals 0.97 -0.03 0.22 0.94 -0.06 0.12 0.99 -0.01 0.75
R2 0.024 0.050 0.006
Number of cases 76 33 43
Sex 0.98 -0.02 0.95
Grade point average 0.99 -0.01 0.97 1.07 0.06 0.78 092 -0.09 0.73
Negative school experience 1.05 0.05 0.33 1.16 0.15 0.05* 0.97 -0.03 0.67
Delinquent peers 0.86 -0.15 0.09 0.90 -0.11 0.36 0.82 -0.19 0.20
Adolescent |peer approval 0.95 -0.05 0.20 0.97 -0.03 0.53 0.94 -0.06 0.24
Normlessness 1.00 0.00 0.91 0.91 -0.09 0.12 1.08 0.08 0.13
R2 0.023 0.046 0.025
Number of cases 66 31 35
Sex 0.50 -0.70 0.17
Gained employment 0.56 -0.57 0.39 0.72 -0.32 0.80 0.54 -0.62 0.45
Stable employment 0.35 -1.04 0.14 0.58 -0.54 0.70 031 -1.18 0.17
Negative work environment 1.06 0.06 0.52 1.02 0.02 0.93 1.08 0.08 0.46
Criminal work environment 1.00 0.00 0.99 0.73 -0.31 0.13 112 011 o031
Emerging [Marriage 0.21 -1.56 0.00 0.31 -1.17 0.26 0.17 -1.76 0.00
adult Crime approving partner 0.94 -0.06 0.61 0.98 -0.02 0.93 0.93 -0.08 0.60
Crime approving parents 0.88 -0.12 0.39 0.92 -0.08 0.77 0.83 -0.19 0.29
Crime approving peers 1.00 0.00 0.97 1.12 0.11 0.58 096 -0.04 0.74
R2 0.117 0.097 0.143
Number of cases 23 6 17
*p<.05
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Figure 1. Male trajectories identified in the National Youth Survey sample
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Figure 2. Female trajectories identified in the National Youth Survey sample
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APPENDIX C: MISSING DATA ANALYSES
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Table 18. Logistic regression results comparing attrite and responding males

Risk factors N Exp (B) Beta S.E. Wald DF  Significance

Abuse 915 0.85 -0.17 0.30 0.31 1.00 0.58

Intercept 3.25 1.18 0.08 214.01 1.00 0.00

Public assistance 902 0.76 -0.28 0.19 2.02 1.00 0.16

Intercept 3.53 1.26 0.09 200.28 1.00 0.00

Disadvantaged neighborhood 899 0.94 -0.06 0.03 3.64 1.00 0.06

Early Intercept 5.88 1.77 0.31 32.91 1.00 0.00
childhood |Parental crime 900 1.00 0.00 0.02 0.02 1.00 0.88
Intercept 3.46 1.24 0.22 31.49 1.00 0.00

Parental appraisals wl 889 1.00 0.00 0.02 0.05 1.00 0.82

Intercept 2.87 1.05 0.45 5.54 1.00 0.02

Parental appraisals w3 853 0.99 -0.01 0.02 0.57 1.00 0.45

Intercept 5.31 1.67 0.39 18.25 1.00 0.00

Negative school experience wl 903 1.00 0.00 0.03 0.02 1.00 0.89

Intercept 3.37 1.22 0.33 13.85 1.00 0.00

Negative school experience w3 811 0.99 -0.01 0.04 0.10 1.00 0.75

Intercept 4.62 1.53 0.39 15.55 1.00 0.00

Delinquent peers w3 848 0.76 -0.27 0.22 1.52 1.00 0.22

Intercept 4.97 1.60 0.20 64.15 1.00 0.00

Peer approval wl 898 1.00 0.00 0.02 0.03 1.00 0.86

Intercept 3.06 1.12 0.27 17.54 1.00 0.00

Adolescent Peer approval w3 855 1.00 0.00 0.02 0.04 1.00 0.84
Intercept 4.33 1.47 0.34 18.88 1.00 0.00

Normlessness wl 901 1.00 0.00 0.02 0.00 1.00 0.99

Intercept 3.18 1.16 0.30 14.92 1.00 0.00

Normlessness w3 808 1.01 0.01 0.02 0.25 1.00 0.62

Intercept 3.41 1.23 0.35 12.09 1.00 0.00

Grade point average wl 912 1.43 0.36 0.10 13.17 1.00 0.00

Intercept 0.92 -0.09 0.35 0.06 1.00 0.81

Grade point average w3 810 1.29 0.26 0.10 6.08 1.00 0.01

Intercept 1.64 0.49 0.37 1.78 1.00 0.18

Negative work experience 588 1.05 0.05 0.05 1.22 1.00 0.27

Intercept 2.92 1.07 0.52 4.27 1.00 0.04

Gainful employment 899 2.40 0.88 0.18 23.59 1.00 0.00

Intercept 2.45 0.90 0.09 92.74 1.00 0.00

Stable employment 899 3.70 131 0.20 45.09 1.00 0.00

Intercept 2.18 0.78 0.09 72.82 1.00 0.00

Criminal work environment 684 0.97 -0.03 0.04 0.64 1.00 0.43
Emerging Intercept 8.78 2.17 0.41 28.24 1.00 0.00
adult Marriage 761 1.50 0.41 0.34 145 1.00 0.23
Intercept 5.87 1.77 0.11 254.47 1.00 0.00

Criminal partner 178 0.92 -0.08 0.08 1.26 1.00 0.26

Intercept 14.37 2.67 0.81 10.84 1.00 0.00

Parental approval 768 0.98 -0.02 0.04 0.14 1.00 0.71

Intercept 7.43 2.01 0.39 26.36 1.00 0.00

Peer approval 765 0.96 -0.04 0.03 1.69 1.00 0.19

Intercept 10.37 2.34 0.37 39.59 1.00 0.00
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Table 19. Logistic regression results comparing attrite and responding females

Risk factors N Exp(B) Beta S.E. Wald DF Significance
Early Abuse 804 0.57 -0.56  0.40 2.04 1.00 0.15
Intercept 5.66 1.73 0.10 293.72 1.00 0.00

Public assistance 781 0.70 -0.36 0.25 2.18 1.00 0.14
Intercept 6.36 1.85 0.12 257.13 1.00 0.00
Disadvantaged neighborhood 779 0.90 -0.11  0.04 7.63 1.00 0.01
Intercept 16.09 2.78 0.38 53.89 1.00 0.00
Parental crime 777 0.99 -0.01 0.03 0.30 1.00 0.58
Intercept 6.83 1.92 0.28 48.50 1.00 0.00
Negative parental appraisals 779 0.96 -0.04 0.02 4.06 1.00 0.04
Intercept 15.02 271 052 27.13 1.00 0.00
Adolescent Negative school experience 709 1.11 0.10 0.05 4.97 1.00 0.03
Intercept 2.83 1.04 045 5.33 1.00 0.02
Delinquent peers 755 0.55 -0.59 0.31 3.55 1.00 0.06
Intercept 12.23 250 0.29 75.35 1.00 0.00

Peer approval 757 1.02 0.02 0.03 0.36 1.00 0.55
Intercept 5.98 1.79 0.39 20.87 1.00 0.00
Normlessness 710 0.99 -0.01 0.03 0.04 1.00 0.84
Intercept 8.20 2.10  0.42 24.76 1.00 0.00

Grade point average 709 1.04 0.04 0.16 0.07 1.00 0.79
Intercept 6.63 189 0.61 9.72 1.00 0.00
Emerging Negative work experience 489 0.98 -0.02  0.06 0.12 1.00 0.73
Intercept 13.67 2.62  0.68 14.68 1.00 0.00
Gainful employment 791 3.27 1.19 0.24 24.21 1.00 0.00
Intercept 3.84 135 0.12 138.11 1.00 0.00

Stable employment 791 3.74 1.32 0.27 23.22 1.00 0.00
Intercept 4.03 1.39 0.11 160.25 1.00 0.00
Criminal work environment 600 1.02 0.02 0.05 0.15 1.00 0.70
Intercept 10.36 234 054 18.71 1.00 0.00
Marriage 710 121 0.19 0.32 0.36 1.00 0.55
Intercept 10.51 235 0.16  227.39 1.00 0.00
Criminal partner 299 0.87 -0.15 0.08 3.48 1.00 0.06
Intercept 45.66 3.82 0.81 22.54 1.00 0.00
Parental approval 725 0.87 -0.14 0.06 6.49 1.00 0.01
Intercept 32.68 3.49 0.47 54.06 1.00 0.00

Peer approval 722 0.92 -0.09 0.04 481 1.00 0.03
Intercept 25.86 3.25 0.44 54.57 1.00 0.00
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