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Title of Thesis: A USER INTERFACE FOR DISCRETE
OPTIMIZATION-BASED TRADEOFF ANALY SIS

Degree Candidate:  John M. Splain

Degree and year: Master of Science, 1998

Thesisdirected by:  Dr. Michael Ball

College of Business and Management
Ingtitute for Systems Research

The motivation of thisthesisisto perform research in the arena of discrete
tradeoff analysis. There are two fundamental aspects to the problem domain to
be studied. The first involves modeling the manner in which the user
quantifies the relative merits of alternative solutions. This requires creating a
graphical user interface that presents the solution in an easily understandable
form. The second aspect of this research involves structuring the interaction

between the optimization model and the user interface.

The research was conducted within the context of a manufacturing application
that is centered on the optimization of product and process design. In addition
to designing the overall system, the essential design activities revolve around

building the graphical user interface necessary to present the tradeoff solutions



aswell asthe interface that will permit the user to interact with the

optimization agorithm.
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CHAPTER 1

INTRODUCTION

This chapter defines the problem and motivation for thisthesis,
discusses the design approach for the software development aspect of the

research, and provides areview of the literature.

Problem Definition and Motivation

The motivation for this thesis stems from two separate, yet smilar,
efforts to determine designs for printed circuit boards (PCB) (Ball et. al. 1995)
and microwave integrated circuits (MIC) (Trichur et. a. 1996). Each of these
effortsis concerned with solving a multicriteria optimization problem defined
to address decision problems that arise because PCBs and MICs comprise
many components such as transistors and capacitors. Each of these
components has severa attributes such as the process used to fasten the
component to the assembly, the cost of the component, and the quality rating
of the component. The final design is composed of a discrete combination of
these components and is ultimately affected by their individual attributes.
To complicate matters, some measures of overall solution “goodness”
may be complimentary while others may not. For example, cost and quality

are frequently directly proportional, i.e. higher quality components tend to cost
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more than lower quality ones. However, from an optimization perspective
these two attributes are at odds. Generally, a designer wants to minimize cost
while maximizing quality.

The goal of thisthesisisto design and compare aternate graphical user
interface (GUI) strategies which alow a user to control adiscrete
optimization-based tradeoff analysis. It also addressesthe design of a
system/software architecture for decision support systems of this type.

At each mgjor step in the overall process, a discrete optimization
problem is solved. The GUI enables the user to iterate through the process,
changing the relative weights of each criterion like cost and quality. The GUI
then displays the results of the optimization process graphically so the user
may determine the consequences of increasing or decreasing specific weights.
This process can be repeated until the user is satisfied he/she has reached an

optimal design for the problem under consideration.

Design Approach

Severa design options were entertained at the beginning. Black box
methods were used in order to achieve amodular design that is independent of
both the underlying database management system and the optimization engine.

Despiteinitially being driven by manufacturing examples, the modular



structure of the design and the implementation enable the results to be used to
address any type of multicriteria optimization problem.

Upon determining the top-level design of the overal system, rapid
application devel opment techniques were employed to prototype and
demonstrate functionality as well as define additional requirements. This
process can continue until the interface isfielded to the end usersfor
acceptance testing.

Traditionally, optimization tools produce the results of a problem
solving session as atable of numerical values. These values can then be
imported into a spreadsheet program and graphed. The goals of thisthesisare
to study the design of graphical display methods and graphical user interfaces
for discrete optimization-based tradeoff analysis that employ normalized
ranges for comparing criteria and the comparison of software architectures for

such systems.

Literature Review

Linear programming isaspecia class of optimization problems
(Ringuest 1992, Cohon 1978, Sundaran 1996, Shoup and Mistree 1987) where
the objective function is expressed as a linear relationship of the design
variables and the constraints are expressed as linear equalities or inequalities,

as shown in the following:
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Typically, given aproblem of thistype, multicriteriatradeoff analysis consists
of acomposite merit function where each of the individual functionsis
assigned aweight based on its perceived relative importance. For example,
assume three merit functions and a composite merit function as follows:

f, wherei=1,2,3

F=cf,+cf,+cf,
If f, is perceived to be five times more relevant than f, and f, it's weight, ¢,
is assigned 0.5, and and ¢ are assigned 0.1.

An integer program is a linear program with the added restriction that
the variables can only take on integer values. Integer programming is
frequently applied in applications where decisions are essentially discrete,
e.g., yes/no, go/no go, such that only one alternative may be selected. This is
relevant for the application domain of this thesis since, for example, a part is
either included in a PCB or it is not.

Providing an interactive approach to multicriteria optimization serves
two purposes. On the face of it, it allows the user to directly interact with the

optimization problem. However, a secondary benefit that is realized is the



ability to perform sensitivity analysis. When the user believes an optimal
solution has been reached, the solution can be tested to determine whether
the solution is stable. If the solution is unaffected by relatively large
changesin the input parameters, then it can be safely assumed to be
meaningful. If, however, the solution is affected by changes to the input
parameters, its value should be viewed as compromised.

As later discussion will make evident, this thesis employs a different
approach to multicriteria tradeoff analysis. The relative merit of acriterionis
based upon the range of good and bad values for that criterion. The user
mani pul ates the relative importance of different criteria by altering the good
and bad values. Instead of applying arbitrary weights to each merit function
f,, the approach used in this thesisis to minimize the maximum normalized
deviation from the bad value for each criterion, as shown in the following
formulas:

nominal bad

norm i i

' fgood_fbad

m,

(1) Min{Max (f")}

f_gwd isatarget good value for criterioni. f_bad isalimit on the worst

acceptable value for criterioni. Note that the smaller the normalized range

the larger the importance given to a criterion.



This thesis was motivated by two specific examples of multicriteria
discrete optimization, but is part of amore general framework (Trichur and
Ball 1998). Intheir discussion, they review amodel for describing a
hierarchical system by means of an AND-OR tree. They apply thismodel to
the design of microwave modules, which consist of MICs, and PCBs. These
models result in the formulation of integer programming (1P) problems, which
are used asthe basis for thisthesis.

Simplicity and usefulness are described as the preeminent goal s of
selecting and devel oping a tradeoff analysis model (Blanchard and Fabrycky
1990). Some characteristics of a successful model include reliability in the
repeatability of results, timely and efficient implementation, and ease of
modification and/or expansion. The model should be smple enough to
understand easily, but remain close enough to reality so asto yield meaningful
results. Factors that may be deemed more relevant than others should be
called to the fore, while others are suppressed (Tufte 1990). Tufterefersto
this as “layering and separation”, a design strategy that reveals the detail and
complexity of the data instead of dismissing the data as overly complicated. A
favorable design will eliminate non-data detail and focus attention on the data
itself (Tufte 1983). For example, by eliminating lines connecting data points
on a graph, the data points themselves can be seen more clearly and invalid

relationships intimated by the lines are removed.



Thisthesis addresses these traits by permitting the user to directly
interact with the process of solving an optimization problem in avisual
manner, instead of extrapolating mentally from tabular data. A modular
design is employed to keep modifications in one module of the software tool
from affecting the others. For instance, the data store used to house
information about the problem can be changed from flat filesto arelationa
database without requiring changes to the user interface. Since the software
tool isvisual, cues are given to the user to aid in the problem solving process.
Criteriathat exceed certain bounds are flagged and the results of each
optimization iteration are presented graphically to alow the user to see
immediately the effects of changesto specific weights.

Dueto therelatively small size and limited number of users of the
software tool developed for thisthesis, a Rapid Application Development
(RAD) approach was employed. An understanding of the users and tasks
(Galitz 1997) associated with multicriteria optimization-based tradeoff
analysis was adapted to the visual domain of agraphical user interface. By
prototyping the design, various techniques for displaying information to the
user were tested and refined (Martin and Eastman 1996). This process of
testing, revising, and repeating allowed for the creation of a software tool that
is composed of highly cohesive, tightly coupled windows (Shneiderman 1998).

The importance of thisisthat users are presented with an interface where



modifications made in one part of the tool are reflected in other, related parts
of thetool. For example, there is one window that is considered to be the main
driver of the softwaretool. The other windows have meaning only within the
context of thisfirst window. If the user closes the first window, the other,
dependent windows are dso closed. Similarly, when the user resumes his/her
problem solving efforts and restarts the tool, the windows are al restored to

thelr previous states.



CHAPTER 2

SYSTEM ARCHITECTURE

This chapter discusses the basis for decomposing hierarchica systems
into subsystems, introduces the concept of AND-OR treesto aid in
mathematically describing a hierarchical system, and describes the
architectures of the software tool developed for thisthesis and the system upon

which it was based.

Mathematical Motivation

By definition, ahierarchical system isa system that can be
decomposed into subsystems that are further decomposed into sub-subsystems.
This recursive decomposition continues until the subsystems are atomic
elements that cannot decomposed any further (Figure 1). System A can be
decomposed into subsystems B and C. Subsystem B can be decomposed into
subsystem D and atomic element A3. Subsystem D can be decomposed into
two atomic elements, Al and A2. Similarly, subsystem C can be decomposed

into atomic eements, A4 and A5.



Figure 1 - A Hierarchical System

The concept of an AND-OR tree expands upon the hierarchical
decomposition, which is comprised only of “AND arcs”, by introducing “OR
arcs”, e.g., the arcs cutting across the lines connecting system A and
subsystems B and C (Figure 2). The significance of these arcs is defined in the
following manner. System A is composed of subsystems B and C, as indicated
by the AND-arc. Subsystem B is composed of either subsystem D or E.
Subsystem D is composed of atomic elements Al and A2. Subsystem E is
composed of atomic elements A3 and A4. Subsystem C is composed of either

atomic element A5 or AG.
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D E
AN N
Figure 2 - An AND/OR Tree

A decision model can be associated with any AND-OR tree by
defining the concept of AND-nodes, OR-nodes, dummy nodes, associated
decision variables, and a corresponding system of equations. The structure of
the decision model isasfollows. If an AND-node is chosen then all of its
children must be chosen. The AND-nodes (Figure 2) are A, D, and E. If an
OR-node is chosen then one of its children must be chosen. The OR-nodes
(Figure 2) are B and C. Dummy nodes are inserted into an arbitrary AND-OR

treein order to transform it into an AND-OR tree of the standard form, one

that contains only AND-nodes and OR-nodes.
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With these definitions, the following notation can be used to provide a

mathematical definition of the decision model associated with an AND-OR

tree.
Voo = Setof AND-nodes
Vo = Setof OR-nodes
vV = Vv, UV, =setof nodesinthetree

ROOT = theroot node of thetree
CHILD(i) = setof nodesthat are children of nodei

The decision variables are:

X =

{ 1 if nodei issdlected to bein the system, i (v

0 otherwise

and x_, = 1, because the root node is always selected.
The AND-constraints are denoted by the following:
X, =X Ui OV, j O CHILD(i)

The OR-constraints are denoted by the following:

; X, =X, Oi O Vor
jocf o)
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CONSOL-OPTCAD Architecture
The starting point for the design used in creating the software tool was

the CONSOL-OPTCAD system (Fan et. a. 1992) (Figure 3).

‘ System Description File ‘ ‘ Problem Description File ‘

A 4

Convert

4

Two Binary Files

v v
Simulator Solve

User

li

Optimal Solution

Figure 3 - Structure of CONSOL-OPTCAD
CONSOL-OPTCAD isatoal for interactively designing systems
involving non-linear objective functions and constraints with continuous
values. It has been applied to the design of circuits, controllers of aflexible
arm, high performance aircraft, and robotic manipulators, and the
determination of the optimal flow rate and temperature profile for a co-

polymerization reaction.
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CONVERT (Figure 3) isabatch program that takes asinput a Problem
Description File, which contains a description of the optimization problem to
be solved. Thisinput fileis compiled into two binary fileswhich are used as
input by SOLVE. One of these files contains the names of design parameters
and specifications and the “good” and “bad” values to be used for the tradeoff
analysis. The other file is a compiled version of the various objectives,
functional objectives, constraints, and functional constraints. The user
interacts with SOLVE and any appropriate SIMULATORS to solve the
optimization problem.

CONSOL-OPTCAD makes use of hard and soft constraints to define
the boundaries of each objective or criterion within a specified problem
domain. Hard constraints must be satisfied, otherwise the solution has no
inherent value. Soft constraints should be achieved or, at least, be close to
being satisfied. CONSOL-OPTCAD employs a “good” and “bad” value for
each criterion. The good value is the value the user would like the raw value
to approach, while the bad value is just the opposite.

A scaled value is achieved by normalizing the raw value with respect
to the good and bad values for a particular criterion according to the formula:

raw_value—good value
bad value—good value

scale vaue=

14



When the bad value is achieved, the scaled valueis 1, and when the good
valueis achieved, the scaled valueis 0. Fan et. al. define the optimization

problem (P) asfollows:
Miny objk(x) Ok
subject to  softj(x) < 0 Ui
hardj x)<00
hard_boundj(x) < 0 [
where obj, softj, and hardj , respectively, are scaled values of objectives, soft
constraints, and hard constraints, and where hard_bound| represents the hard

bound type constraints. Based upon the feasibility or infeasibility of x with
respect to hard and soft constraints, problem (P) is assigned three different
meanings, which are derived from satisfying the constraints and objectivesto
varying degrees as described below.
When not all hard constraints are satisfied, (P) takes the form:
Min y {MaxJ' hardj(x)}

subject to  hard_bound;(x) <0 0l
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When al hard constraints are satisfied and not all scaled objectives and
soft constraints are non-positive, (P) takes the form:
Miny {Max_ i objk(x), softj(x)}
subject to hard;(x) < 0 LJj
hard_bound|(x) <0 Ul

When al hard constraints are satisfied and al scaled objectives and
soft constraints are non-positive, (P) takes the form:
Miny {Max i obji(x)}
subject to  softj(x) < 0 Ui
hardj x)<00

hard_boundj(x) < 0 [l

Tradeoff Analysis Utility Architecture
The software tool created as part of thisthesis (Figure 4) relies on two,
related input files, aLinear Programming file and a Problem Information file.
The Linear Programming fileis produced as the output of a generator
that takes as input files that completely describe the problem to be optimized.
A Linear Programming file contains the definition of the objective functions
and congtraints to be solved for by the optimization engine. For the example

of aPCB or MIC, thesefilesinclude the following information: the list of parts
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on the board; the alternatives for each of these parts; detailed parts information
including part ID numbers, cost (in dollars), defect rate (a number between O
and 1), supplier ID, the number of groups of processes to be performed on the
part, the number of processes precluded by the part, the number of process

dternatives, the incremental time for each process 1D, and the precluded

‘ Linear Programming File ‘ ‘ Problem Information File ‘

>~

( Trade-off Analysis Utility )

l

User

l

Optimal Solution

Figure 4 - Structure of Tradeoff Analysis Utility

processes; process information including the total number of processes and the
setup time and yield for each process ID; supplier information including the
number of suppliers and the lead time associated with each supplier; and
mi scellaneous information like the batch size associated with the design and
the labor cost.

The Problem Information file (Figure 5) contains information about the
criteriathat comprise the optimization problem. For each of these criteria, the
file contains the type of the criterion, e.g., “maximizing” or “minimizing”; the

units of the criterion; and a bound for the criterion. The type of the criterion is
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used to differentiate between criterialike cost, which is considered a

minimizing criterion because it's value it minimized, and quality, which is
considered a maximizing criterion because it's value is maximized. The units
are used for display purposes in the user interface. The bound for the criterion

is discussed below.

[number]
criteria=4

[criteria_1]
name="Cost"
type="Min”
bound="2500"
units="Dollars”

[criteria_2]
name="Quality"
type="Max”
bound="0.4"
units="%"

[criteria_3]
name="Lead Time"
type="Min”
bound="10"
units="Hours”

[criteria_4]

name="Number of Suppliers"
type="Min”

bound="1"

units=""

Figure 5 - Sample Problem Information file
The normalization scheme used for this thesis was based on the scheme

used by CONSOL-OPTCAD, but differs in the following ways. All the
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constraints specified for a problem definition are hard constraints. The
constraints are set to good and bad val ues based upon the contents of the
Problem Information and the results of initializing a new optimization
problem.

The scaled value for acriterion is obtained by normalizing the raw
value with respect to the hard constraints. In the case of a minimizing
criterion, e.g., cost, normalization occurs as follows:

raw_vaue—bad vaue

scale_value= good_value-bad value

1.0
0.9

0.8 /
0.7

0.6 /

0.5

/

0.3

0.2 /

o/

0.0
Good Bad

Figure 6 - Range of Normalized Values for a Minimizing Criterion
In the case of amaximizing criterion, e.g., quality, normalization occurs as
follows:

raw_vaue—good vaue

scale_value= bad value—good value

19



0.8 \

o7 |\

0.6 \

0.5 \

AN

0.3 \

0.2 \

0.1 \

0.0

Bad Good

Figure 7 - Range of Normalized Vaues for aMaximizing Criterion
The two different types of criteria, maximizing and minimizing, are
differentiated in this manner so they may be compared equivalently. Notice
that for the solution obtained when the problem is solved for a single criterion,
thescale_valueisO, regardless of whether it isamaximizing or minimizing
criterion. The crux of thisisthat desirable values for acriterion normalize

towards O, and undesirable values normalize towards 1 (Figure 6 and Figure

7.
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CHAPTER 3

COMPARISON OF ALTERNATE SOFTWARE ARCHITECTURES

This chapter examines the design aternatives identified as part of this
thesis with respect to the design goal s of modularity and database

independence.

Design Goals

Three alternativesin the overal system architecture were eval uated.
Each oneis detailed below with respect to two design goals. modularity and
database independence. Modularity iswhat is achieved when a complex
problem is divided into smpler pieces called modules (Pressman 1992). This
Is sometimes referred to as a “divide and conquer” strategy to system design.
A user interface is database independent if it is unaffected when the means of
storing information is changed, e.g., when relational database tables are
substituted for text files.

The goals of a modular design (Ghezzi, Jazayeri, and Mandrioli 1991)
are to decompose a complex problem into intellectually manageable parts and
to attempt to compose the solution to the problem from existing modules.
Decomposing a complex problem into modules is done in a manner similar to

that illustrated for decomposing a hierarchical system. The problem is divided
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into sub-problems in atop-down fashion, and the sub-problems are recursively
divided aswell. One of the by-products of amodular design is an increased
capability of understanding. For example, a designer is much morelikely to
understand a modular system than a monolithic one, because the smaller sizes
of individual modules will reduce the number of control paths, the number of
variables, and the span of reference of these variables.
Two measurable attributes of amodular design are cohesion and
coupling. Cohesion isameasure of how strongly related the modulesare. A
cohesive module is one in which the elements of the module are all logically
related. Coupling isameasure of the interdependence of two modules.
Modules that exhibit low coupling are independent of one another, while
modules that exhibit high coupling are dependent on one another. Low
coupling is desirable because it limits the “ripple effect” or propagation of
changes when a module is modified. As part of a collaborative effort in the
arena of integrated product and process design, this thesis is concerned with
minimizing the ripple effect so as not to affect other aspects of the effort.
Database independence is desirable because it allows the designers of a
software tool to treat database access as a black box. In a very simple system,
the user interface can be thought of as a module that is primarily concerned
with interacting with the user. A second module that is concerned only with

database access can be used to model database access. By definition, these
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two modules will exhibit high cohesion and low coupling. Low coupling
allows any database access module to be plugged into the system without

requiring changes to the user interface module.

Design Alternatives
Thefirst design aternative (Figure 8) is composed of an Object Store
database, a Problem Extraction module, a graphical user interface, and a

dynamic link library (DLL).

Problem
Extraction
Module

Object Store
Database

Dynamic Link
Library

Figure 8 - First Design Alternative
The primary function of the Object Store database isto serveasa
repository for information that defines the optimization problem. For example,
for an optimization problem involving a PCB this includes information about

23



parts, suppliers, and processes. The Problem Extraction module was identified
as the mechanism for retrieving this information from Object Store and
converting it to aformat that could be ingested by the optimization engineto
solve the problem within a specific context. The optimization engineis
accessed by calling functions that are compiled into the dynamic link library.
The second design option (Figure 9) comprised similar elements of a
graphical user interface, Object Store database, and an interface to CPLEX for

the optimization agorithms, again embodied within the DLL.

Object Store
Database

Dynamic Link
Library

Figure 9 - Second Design Alternative
As before, the Object Store database isto function as arepository for
information that defines the optimization problem. However, in this
dternative the user interface interacts directly with Object Store to instruct it to
solve aproblem by calling the optimization engine. That is, the Object Store

database contains active components that generate calls to the DLL based on
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database updates made by the user interface. To improve thisdesign, each

component was placed in its own C++ container to foster language

independence and to reduce dependence on specific product vendors.
Thethird design option (Figure 10) is a database-independent solution

that divides the architecture into three layers.

— aae-0OIf Anea v a
1
¥

« »

Dynamic Link
Library

A

Database

Figure 10 - Third Design Alternative
Thetop layer consists of the graphical user interface. The middle layer
isadynamic link library of function calls to access the database and/or the
optimization algorithm. The bottom layer is the database and optimization

algorithm. Although pictured here as a database, the data store used by the
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optimization engine could be any means of storage available, e.g., text files, a
relational database, or an object database.

The user interface maintains alocal database to keep track of the
criteriafor the current problem definition and the solutions generated during a
problem solving session. It calls functions compiled into the DLL to perform
such functions asiinitializing a problem definition, re-solving the problem
within anew context, or deleting asolution. The DLL isimplemented to

interface with the appropriate database(s) and optimization engine.

Comparison of Design Alternatives

Thefirst design dternative is composed of four cohesive modules that
have reasonably low coupling. Each module is dedicated to an individua aim:
the user interface, problem extraction, database access, and the optimization
engine. However, this design placesthe bulk of the processing in the user
interface. The interface calls the Problem Extraction module to format
everything needed by CPLEX to optimize the problem within the current
context as defined by the user. It then callsroutinesin the CPLEX library to
solve the problem. Finally, it must write the solution back to the database.
One advantage to this design is that it minimizes the degree to which the DLL
must be customized for this problem. Thus, new optimization engines can be

more easlly substituted for one another. While this design separates the details
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of the user interface, the optimization engine, and the data store, this
aternative is dependent on Object Store as its means of storage.

The second alternative is comprised of one less module than the first.
Thiswas achieved by consolidating the Problem Extraction module and
database access module. Additionally, the responsibility of interfacing with
the optimization engine was moved from the user interface into the database
accessmodule. Asin thefirst dternative, the optimization engineis accessible
viathe DLL. Although thisisamodular solution, the degree of cohesion
within each of the modulesisless than that achieved by the first design
because the database access module is responsible for performing functions
related to optimization. Thisdesign is also dependent upon the database,
which might be viewed as advantageous under certain circumstances. Since
the database is aware of the state of the software tool, any function can be
invoked that interacts with the data stored in the database. Thisleadsto the
possibility that aternate user interfaces and applications could be built over the
database to interact with the optimization engine and related datafiles.

The third aternative meets both design goals of modularity and
database independence by employing three highly cohesive modulesthat are
loosely coupled. The user interface does not require modification to use
different database management systems or to take advantage of different

optimization engines. Thisimplementation of the graphical user interfaceis
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independent of the underlying data representation and algorithm

implementation. The user interface is designed with a predefined set of

function prototypes for initializing, solving, and deleting solutions for

optimization problems. Provided the functions compiled into the DLL comply

with these function prototypes, any combination of compiler, database, and

optimization engine can be used to suit the environment in which the software

tool will be deployed. This design alternative was selected as the basis for the

software tool because it supports the greatest degree of flexibility.

The results of this comparison are summarized below (Table 1).

. Optimization
Alternative Cohesion | Coupling | Modular Database Engine
# Independent
Independent
1 High Low Yes No Yes
2 Medium | Medium | Yes No No
3 High Low Yes Yes Yes

Table 1 - Summary of Design Alternatives Comparison
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CHAPTER 4

USER INTERFACE DESIGN

This chapter describes the technique used to develop and test the user
interface, the final design of the software tool, and the details of the tool's

implementation.

Development Technique

A Rapid Application Development technique was employed to develop
the user interface. A small set of initial requirements was identified and
development was begun. As these requirements were completed, the
prototype was demonstrated and additional requirements and enhancements
were identified. This process could be continued to produce a final product

that is fielded to the end users for acceptance testing.

Final Design

The principle motivation for the use of scaled values is to allow the
user to tradeoff criteria of different units and scales equally. For instance, the
user can decide whether an increase of y% of the scaled value of one criterion

is equitable against an x% increase of the scaled value of a second criterion,
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wherex >y. That is, within the scaled ranges, do the scaled values tradeoff
equally.

When the user runs the software tool, he/she can either start analyzing
anew problem or continue with an existing one by selecting Open from the

File menu. Thetool then displays adiaog box of the available Problem

Information files for the user (Figure 11).

-

Figure 11 - Starting an Optimization Process
When the user selects a Problem Information file, the software tool
determinesif the user is continuing with an existing problem or beginning a

new one. If the problem isan existing one, the tool is restored to the state in
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which the user left it previoudly. If the problem isanew one, the tool
initializes the problem and allows the user to select a starting point for iterating
the optimization process. The Problem Information fileis read and stored for
use during the user’s session.

The initialization process involves optimizing the problem once for
each criterion without regard to the others, i.e., minimizirgtter than,nform

as was indicated in (1). For example, if the criteria that define a particular
problem include cost, quality, and lead time, the problem is initialized by
optimizing for cost alone, then optimizing for quality alone, and finally
optimizing for lead time alone.

When initialization is complete, the user is presented with a graph that
displays the initial solutions for the problem (Figure 12). There is one solution
for each criterion, the result of solving the problem while optimizing for only
that criterion. The user can compare these solutions relative to one another. By
presenting the information graphically, the user can see which, if any, of the
initial solutions may be more desirable than the others. The user can then
begin the process of iteratively solving the problem by selecting this solution.

An additional feature of this graph of initial solutions is the user can
immediately see the best possible value for each criterion. While not entirely

accurate, the user can gain an intuitive sense of the “best” overall possible

31



solution that might be achieved if it were possible for all the criteriato achieve

their optimal values s multaneoudly.

Figure 12 - Initial Normalized Solutions Window

Thefirst attempt at providing the user with a starting point wasto
display alist of the criteriathat define the optimization problem. When the
user selected one of the criteriafrom the list, the solution associated with
optimizing the problem for that criterion alone was chosen as the starting point
for further iterations. When this method was tested, it was quickly determined
that it was not intuitive to the user. By simply selecting a criterion by name,

the user had no idea how the individua solutions achieved during initialization
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compared to each other. Thislead to the current method of providing a
starting point, the Initial Normalized Solutions Window.

The primary window with which the user interacts while analyzing a
problem (Figure 13) displays agraph of the current normalized solution and a

table of the minimum, good, normal, bad and maximum values for that

Figure 13 - Current Normalized Solution Window

solution. Thiswindow is referred to as the Current Normalized Solution
window. The user can modify the good and bad values associated with any or

all the criteria, preview these changes relative to the current normalized



solution, and re-solve the problem within this new context. This new solution
isthen graphed automatically in this and two other windows.

The Current Normalized Solution window is the central focus of both
the software tool and this thesis. From the tool's perspective, it is the main
control with which the user interacts. With respect to the thesis, it is where the
user assigns the weights to be used in solving the problem within a new
context. If this tool were constructed along the lines of a typical tradeoff
analysis, the user would simply input arbitrary weights for each of the criteria.
However, this window adds value to the problem solving process by allowing
the user to tradeoff the acceptable and unacceptable levels of each of the
criteria in an attempt to achieve what he/she considers the optimal solution.
For example, by reducing the bad value (Figure 14), the user reduces the range
and makes a particular solution less attractive. Thus, it is more likely that
when the user re-solves the problem in this new context, a solution with an
improved value for this criterion would result.

It is important to note that while the software tool uses the maximum
and minimum values of a criterion for normalization, the optimization engine
uses the good and bad values associated with the criterion to re-solve the
problem within the new context. It was determined that normalization of each
criterion with respect to its good and bad values would not facilitate

comparison of different criteria for a particular solution or different solutions
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for the same criterion. Asaresult of this determination, it was decided that for
presentation purposes al normalization would be performed relative to the
maximum and minimum values. Normalizing each criterion with respect to its
maximum and minimum values not only allows the comparison of criteria
with different units, but also alows different iterations of the optimization

algorithm to be compared.
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Figure 14 - Example of Previewing New Good and Bad Values
The Multiple Solutions window (Figure 15) displays a series of tabs.

Each tab displays a single criterion and consists of a graph of the nominal
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values of that criterion for all solutions. Thiswindow supplies the user with a
graph of each criterion in its own units, which displays the nominal values of
the criteriaover dl the iterations of the problem solving process. Thiswindow
adds value to the user interface by showing the user each criterion in itsown
units, not asanormalized value. From these graphs, the user can gain an

accurate understanding of the actual valuesyielded by successive iterations of

optimizing the problem in different contexts.

Figure 15 - Multiple Solutions Window
The user can exploit this graph to identify possible trends for the

criterion over successive iterations or determineif the nominal value for a
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specific solution is acceptable compared to the nominal value of another
solution. For example, the problem that was solved to generate the figuresin
thisthesisis defined by the criteria cost, quality, lead time, and number of
suppliers. The graph of the nominal values of quality (Figure 15) indicate, as
expected, that solution 2 was optimized for quality alone. Additionaly, this
graph also clearly displays the inverse relationship between cost and quality.
The first solution was optimized for cost alone, and the nominal value for
quality for that solution is the lowest on the graph.

The All Normalized Solutions window (Figure 16) displays a graph of
all the solutions, which have been normalized with respect to each criteria’s
maximum and minimum values, and a table of the minimum, low, normal,

high and maximum values for a solution selected by the user. This window is

37



SEFEZZsza

Prasr |

if

st
T
liil[

;s

Figure 16 - All Normalized Solutions Window
similar to the Multiple Solutions window in that it displays the history of the
user’s optimization process. However, it displays the normalized values of
each criterion for each iteration. The graph on this window is the same graph
as is displayed in the Initial Normalized Solutions window (Figure 12).
This window allows the user to assess the impact of the changes made
to the good and bad values for each criterion in the Current Normal Solution

over the course of a problem solving session.



The Delete Solutions window (Figure 17) allows the user to delete

individual solutions associated with an optimization session. Thiswindow

allows the user to discard solutions that are deemed to be undesirable.

Figure 17 - Delete Solutions Window
The Print Solutions window allows the user to print areport that details
the individual solutions associated with a particular problem (Figure 18). This
window allows the user to obtain a hard copy printout of the results of a

problem solving session.
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Figure 18 - Print Solutions Window

A synopsis of each of the windows' purposesis given below (Table 2).



Window

Purpose(s)

Initial Normalized Solutions

provide an educated starting point for an
optimization session

display theinitial solutions for anew problem
where each solution has been optimized for a
single criterion

Current Normalized Solution

modify the good and bad values of the criteria
to create anew context in which to optimize
the problem

preview the relative effects of creating a new
context

re-solve the problem in the current context

Multiple Solutions

graph nominal valuesfor each criterion for all
solutions

provide a history of solutions for the problem

All Normalized Solutions

assess the impact of modifications to the
context in which the problem is optimized

provide a history of solutions for the problem

Dédlete Solutions

delete undesirable solutions

Print Solutions

print areport of an optimization session

Table 2 - Summary of Software Tool Windows and Their Purposes
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CHAPTER 5

SOFTWARE IMPLEMENTATION ISSUES

Thefinal design operates around the concept of Problem Information
filesand Linear Programming files. Each fileis named for the problem it
defines, but ends with adifferent file extension. Problem Information filesare
named <problem name>.inf and Linear Programming files are named
<problem name>.Ip. A Problem Information file (Figure 5) stores the total
number of criteriain the problem definition, the criteria name(s), the types of
the criteria, i.e., maximizing or minimizing, and abound for each criterion. A
Linear Programming file contains the definition of the objective functions and
the constraints to be solved for by the optimization engine.

Two database tables are maintained locally in a Sybase SQLAnywhere
5.0 database by the softwaretool. Thefirst table stores the problem name, the
criterianame(s) and the solution ID for each initial solution of the problem
definition. The second table stores the problem name, criteria name, criteria
type, solution 1D, good, bad, maximum, minimum, nominal, normal, revised
good and revised bad values for each criteriafor each solution for aproblem
definition.

There are two main functionsimplemented in the DLL that are used to

initialize and solve a problem. The software tool passes the name of the
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problem to beinitialized and the number of criteria associated with that
problem to theinitialize function. The initialize function then calls the
optimization engine to solve the problem once for the original design
optimized for cost, once for the original design optimized for quality, and once
for each criterion one. The nominal values of each criterion for each solution
are then passed back from the function to the softwaretool. To solve the
problem in a new context, the software tool passes the problem name, the
number of criteria associated with the problem, the good and bad values
associated with each criterion, and the identification number of the new
solution to the solve function. A parameter specifying atime limit within
which the solve function must returnis also passed. If the optimal solutionis
not returned before this time limit expires, the best solution to that point is
returned. The solve function can return one of three results to the software
tool. First, it can return the new solution for the problem. Second, it can
return the best solution available before the expiration of the time limit. Third,
it can determine that based upon the new context, no feasible solution exists.
By default, the software tool sets the good and bad values for a new
solution to the maximum and minimum based upon the type of the criterion as
defined in the Problem Information File. For aminimizing criterion, both the
maximum and initial bad value are set equal to the bound specified in the

Problem Information File, whereas the minimum and good values are set to the
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nominal value of the problem optimized for that criterion aone. For a
maximizing criterion, both the minimum and initial bad value are set equal to
the bound specified in the Problem Information File, whereas the maximum
and good values are set to the nominal value of the problem optimized for that
criterion alone.

Two Windows development tools were considered for use in creating
and testing the graphical user interface for this software tool: Borland’s Delphi
2.0 and Powersoft's PowerBuilder 5.0. Since the presentation style of much of
the data in the user interface is graphical in nature, a development tool that
allows the programmer to easily and efficiently build graphs was desired.
Between the two, PowerBuilder possesses a unique control that automatically
displays a graph based on a Standard Query Language (SQL) query. Delphi
2.0 requires the developer to produce the same result manually. This fact,
coupled with a longer learning curve, lead to the selection of PowerBuilder 5.0
as the development tool of choice.

PowerBuilder 5.0 also offers another feature that was not leveraged
until later in the development lifecycle, namely the Powersoft Foundation
Class (PFC). The PFC is a service-based foundation class that allows a
developer to inherit from pre-coded object classes, thereby avoiding coding
functionality that already exists. Two examples of functionality leveraged

from the PFC are the automatic resizing of controls within a window when the
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window is resized by the user and the saving and restoring of the windows’

states when the user starts the tool.



CHAPTER 6

CONCLUSIONS

This chapter summarizes this thesis with respect to the user interface,

software tool architecture, and future activities.

User Interface

The software tool developed as part of this thesis adds value to discrete
multi-objective problem solving by offering the user amethod of performing
tradeoff analyses that are based on the normalized ranges of criteria. The user
can change the acceptable and unacceptable, i.e., good and bad, values of a
criterion in an attempt to tradeoff one criteriaagainst another. For example,
the user can accept a higher price for the PCB by increasing the bad value of
cost, or he/she can select quality to be more important than other criteria by
decreasing the difference between the good and bad values.

Aside from the direct manipulation of the problem solving process
discussed above, the software tool's user interface provides the user with
multiple methods of viewing the same information. The user can examine the
latest solution to the problem in the given context, as well as compare
successive iterations of the process to determine whether an optimal solution is

being approached. Additionally, the user can view the nominal values of each
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criteriain its own units, so as not to get too distracted by the unit-less measures

displayed on the normalized graphs.

Software Tool Architecture

Aside from the main motivation of thisthesis, providing auser
interface for discrete optimization-based tradeoff analysis, there were two
design goal s for the software tool: modularity and database independence.
Database independence was actually achieved as a by-product of the
modularity of the final design. By dividing the software tool into separate
components with well defined interfaces, thistool can be applied in any
application domain where the interface to the product database and the

optimization engine adhere to these interfaces.

Future Activities

The software tool created as part of thisthesis has been tested using a
few examples specific to PCB and MIC design. These problems are defined in
terms of parts, alternative parts, processes, and aternative processes. When a
solution is generated within a specific context of good and bad values for each
criteria, dternative parts and alternative processes might be selected instead of
the particular parts and processes designated by the PCB designer. A

modification to the software tool suggested by a user isto graphically display
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aninitia solution for comparison purposes. In many applications, such a
solution is available since the process might begin with the user defining a
solution rather than defining an optimization problem.

The software tool keeps track of the output from the optimization
enginein adatabase local to thetool. Additionally, the optimization engine
also produces detailed results that are stored in files. The software tool could
be enhanced in two ways as aresult of these detailed result files. First,
changes could be made to keep the local database and the detailed result files
synchronized. If the user deletes a particular solution, both the database entry
and the detailed result file could be erased. Second, the ability to select and
view these detailed results files could be added to the tool, for the convenience
of the user.

Finally, additional user requirements could be identified and
implemented to enhance the reporting capabilities of the software tool.
Although, the tool itself helps the user identify an optimal solution by
iteratively solving aproblem in different contexts, the report the user can print
isrudimentary at best. It isimportant the user be able to end a problem solving

session with a detailed report he/she deems valuable.
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